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Preface

With the launch of the New York City Community Schools Initiative (NYC-CS) in 2014, the
New York City Department of Education (NYCDOE) increased its focus on implementing a
holistic strategy of education reform to address the social consequences of poverty as a means
of improving student outcomes. NYC-CS is a strategy to organize resources in schools and
share leadership among stakeholders so that academics, health and wellness, youth develop-
ment, and family engagement are integrated into the fabric of each school. New York City is
implementing this strategy at a scale unmatched nationally.

In this study, we assessed the impact of the NYC-CS through the 2017-2018 school year.
We assessed the effects along seven outcome domains (attendance, educational attainment,
academic performance, disciplinary incidents, teachers’ shared responsibility for student suc-
cess, student connectedness to adults and peers, and family empowerment opportunities) and
explored the extent to which there was variation in programmatic impact based on student-
and school-level characteristics. We leveraged innovative quasi-experimental methodology to
determine whether students in community schools are performing better than they would be
had their schools not been designated as community schools.

The findings of this report will contribute to the emerging evidence base on the efficacy
of the community school strategy and will be useful for other school district— and state-level
policymakers interested in developing or refining similar interventions that support students’
and communities’ academic, social, and emotional well-being.

This research was undertaken by RAND Education and Labor, a division of the RAND
Corporation that conducts research on early childhood through postsecondary education pro-
grams, workforce development, and programs and policies affecting workers, entrepreneurship,
and financial literacy and decisionmaking. The research was conducted under a contract with
the New York City Mayor’s Office for Economic Opportunity (NYC Opportunity). Funding
to support the evaluation has been provided by NYC Opportunity, the NYCDOE and New
York City Department of Health and Mental Hygiene (DOHMH). Although RAND has
worked collaboratively with staffs from NYC Opportunity, NYCDOE, and DOHMH, the
research team has maintained independent control of all aspects of the study design, as well as
final editorial control of all published reports, including this study.

More information about RAND can be found at www.rand.org. Questions about this
report should be directed to williamj@rand.org, and questions about RAND Education and
Labor should be directed to educationandlabor@rand.org.
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Summary

There is a growing body of research suggesting that community school interventions are a
promising strategy to improve student outcomes through coordinated services and collab-
orative leadership practices (Maier et al., 2017). The community school strategy entails an
integrated focus on academics, youth development, family support, health and social services,
and community development with strategic partnerships among the school and local organiza-
tions and community members (Blank, Melaville, and Jacobson, 2012). Community schools
are experiencing a dramatic expansion across the country, with more than 5,000 such schools
in place nationwide (Blank and Villarreal, 2015; National Center for Community Schools,
undated). This expansion is linked to a broader movement of place-based, comprehensive
interventions that endeavor to strengthen and organize disparate agencies and institutions in
an effort to mitigate the harmful effects of poverty.

To date, the largest implementation of the community school strategy occurred in New
York City, where Mayor Bill de Blasio in 2014 designated $52 million to create 45 community
schools just after taking office. By the 2018-2019 school year, the New York City Commu-
nity Schools Initiative (NYC-CS) expanded to include more than 200 community schools,
with a total budget of $195 million (Jacobson, 2019). The NYC-CS builds on the existing
framework of the community schools model, which includes the four core evidence-based
features—(1) collaborative leadership and practices, (2) family and community engagement,
(3) expanded learning time and opportunities, and (4) integrated student supports (Maier et
al., 2017). The initiative has adapted those features to meet the unique needs of New York City
students, families, and communities at a scale that is unprecedented in the United States thus
far.

The RAND Corporation has been engaged in an evaluation of the NYC-CS since 2016
through a contract agreement with the New York City Mayor’s Office for Economic Oppor-
tunity. The first report focused on implementation of the NYC-CS in 108 schools and was
released in 2017 (Johnston et al., 2017). We found that the community school strategy was
alive and well in New York City, with the vast majority of community schools already imple-
menting most (if not all) of the strategy’s core features. For example, we found that most
schools had formed well-aligned partnerships with community-based organizations, provided
expanded learning time opportunities, and were implementing a three-tiered model of mental
health programs and services by the 2015-2016 school year.

Xi
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The Present Study

This report is an extension of our 2017 report that focused on the implementation of the
NYC-CS program through the 2015-2016 school year. The primary objective of this study was
to leverage a quasi-experimental methodology to estimate the overall program impact through
the 2017-2018 school year by comparing the outcomes of students attending NYC-CS schools
with students attending a carefully constructed comparison group of schools that are similar
to NYC-CS schools in many ways, except for their designation as “community schools.” We
also assessed variation in estimated program impacts based on a series of student- and school-
level characteristics.

Findings

We found that the NYC-CS had a positive impact on students across various outcome mea-
sures with some notable exceptions. In particular, we found that the NYC-CS had a positive
impact on student attendance in all types of schools (elementary, middle, and high schools)
and across all three years that outcomes were measured (2015-2016, 20162017, and 2017—
2018). We also found positive and significant impacts on elementary and middle students’ on-
time grade progression in all two years for which we have data and on high school students’
graduation rates in two of the three years. Our analyses suggest that the NYC-CS led to a
reduction in disciplinary incidents for elementary and middle school students but not for high
school students. Finally, we found that NYC-CS had a positive impact on math achievement
in the third and final year, but the impact estimates on reading achievement in all three years
and on math achievement in the first two years were smaller and not statistically significant.

Our evaluation found limited evidence of the NYC-CS supporting improvements in
school climate and culture for elementary and middle schools. For example, we found that
teachers’ reports of shared responsibility for student success increased at elementary and middle
schools in the second and third years of the study. In addition, we only found a positive effect
on students’ sense of connectedness to adults and peers for elementary and middle school
students, but only for the second year of the study period. Finally, we found no statistically
significant impact on families’ reports of engagement opportunities in elementary and middle
schools. Impacts on none of the school climate and culture measures for high schools were
statistically significant.

We also examined whether estimated program impacts were being driven by certain sub-
groups of students or schools, including schools that had been found to be implementing key
aspects of the NYC-CS program at higher levels than others. Although all community schools
experienced reductions in chronic absenteeism, we found that community schools with higher
levels of implementation of mental health programs and services saw a stronger impact on this
outcome, compared with community schools with lower levels of mental health implemen-
tation. We also found evidence of variation in impact for some outcomes when comparing
community schools that were concurrently a part of the NYCDOE’s Renewal Schools pro-
gram' with those that were not. Otherwise, we did not find a consistent pattern of differential

I Renewal Schools program is a concurrent school-improvement initiative that endeavors to turn around some of the lowest-

performing schools in the city with a combination of instructional supports for teachers and social supports for students.
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impacts to suggest that the overall pattern in estimated effects was not being driven by particu-
lar subgroups of students, schools, or program implementation factors.

Limitations

Although our findings were robust to numerous sensitivity checks, this study did have a
number of limitations. First, New York City and its school system are unique—therefore,
whether this initiative can be replicated elsewhere with similar findings is unknown. Second,
because the initiative was launched at a large scale and focused on all New York City schools
that failed to meet specific academic goals, we were unable to use a randomized design or
create a perfectly balanced comparison group. We utilized a quasi-experimental design that
created a comparison group that included nonprogram schools with similar baseline trajecto-
ries to the NYC-CS schools and excluded nonprogram schools that were substantially different
from the NYC-CS schools. We also employed an analytic approach commonly referred to as
“difference-in-difference” to overcome the lack of random assignment and the remaining dif-
ferences between the NYC-CS and comparison schools. Nevertheless, we cannot rule out that
impact estimates could be biased by unobserved differences between the NYC-CS schools and
the comparison schools.

The study was also limited to existing NYC-DOE administrative and survey data that
posed some constraints regarding the availability and consistent measurement of some out-
comes over time, particularly related to measures of school climate and student mental health.
In addition, although we were able to follow schools and students for four years after the pro-
gram’s initiation, this type of holistic intervention could continue to affect participants for
years to come.

Implications

The positive findings of the impact of the NYC-CS suggest that the strategy can be a prom-
ising approach to support student success in traditionally disadvantaged communities. These
positive impacts are particularly important because the NYC-CS is such a large program com-
pared with other instances of the community strategy that have been rigorously evaluated thus
far. We contend that if other, smaller efforts that instill a whole-child, whole-school strategy
for student support are to be developed, the coordinated efforts of the New York City Office
of Community Schools, along with other key agencies in the city, may provide a promising
template for such initiatives.
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CHAPTER ONE
Introduction

Decades of research have shown that many disparities in educational outcomes are related to
nonacademic factors, such as poverty, housing instability, exposure to trauma and violence, and
limited access to health care (e.g., Knopf et al., 2016; Reardon, 2011). These outside-of-school
factors represent barriers that inhibit many students’ ability to attend school regularly or arrive
ready to learn and succeed (Nauer et al., 2014). One strategy for mitigating these negative con-
sequences of poverty and socioeconomic disadvantage is to empower schools to become service
hubs that provide children and families with coordinated, cross-sector assistance and support
in various areas (Jacobson and Blank, 2011). Although the provision of school-linked services
is not new in the United States, there is an emerging movement to provide holistic educational
reform as a contrast to more narrowly defined interventions that strictly focus on academics,
with the community school strategy being the most commonly implemented reform of this
effort (Bronstein, Mason, and Quinn, 2016).

Broadly, a community school is a partnership involving the school, students’ families,
and the surrounding community that maintains an integrated focus on academics, youth
development, family support, health and social services, and community development (Blank,
Melaville, and Jacobson, 2012). A community school serves not only the students but also stu-
dents” families and the surrounding community by providing access to such critical programs
and services as health care, mentoring, expanded learning programs, and adult education (Bron-
stein, Mason, and Quinn, 2016; Coalition for Community Schools, 2017; Dryfoos and Magu-
ire, 2002; Warren, 2005).

To date, the largest implementation of the community school strategy is in New York
City, where in 2014 Mayor Bill de Blasio designated $52 million to create an initial cohort of
45 community schools just after taking office. By the 2018-2019 school year, the New York
City Community Schools Initiative (NYC-CS) has expanded to include more than 200 com-
munity schools, with a total annual budget of $198 million (New York City Independent
Budget Office, 2018).!

The growth of the NYC-CS was designed to complement existing initiatives that served as
the foundation for the city’s goal of achieving an equitable educational system. The first cohort
of community schools comprised 45 schools receiving the city’s Attendance Improvement and
Dropout Prevention (AIDP) grant, with these schools gradually being onboarded as commu-
nity schools during the 20142015 school year (see Figure 1.1). The program expanded in 2015

I Examples of community schools existed in New York City long before 2014, going as far back as the urban settlement

houses in the 1800s. See Belay, Mader, and Miller (2014) for a more detailed account of early community school efforts in
New York City.
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Figure 1.1
Timeline of NYC-CS Implementation and RAND Evaluation Activities

Transition year Year 1 Year 2 Year 3
(2014-2015) (2015-2016) (2016-2017) (2017-2018)

* NYC-CS announced and ¢ 94 Renewal Schools e Second full year of e Third full year of
launched as part of begin receiving NYC-CS NYC-CS NYC-CS
AIDP grant supports * RAND Study Year 2 * RAND Study Year 3

e 45 schools selected to * First full year of NYC-CS ¢« RAND implementation  » RAND implementation
partner with CBOs for * RAND Study Year 1 data collection report published in
MVAEEE e RAND implementation fall 2017

¢ Gradual onboarding of data collection

NYC-CS schools,
including partnerships
with lead CBOs

NOTE: CBO = community-based organization.

when 94 additional schools that were also designated as Renewal Schools? were onboarded as
community schools in fall 2015. Additional expansions took place in 2017 and 2018, bringing
the total number of community schools to 258 by fall 2018.3 To lead implementation and facil-
itate centralized coordination and support of the city’s growing cadre of community schools,
the New York City Department of Education (NYCDOE) created the Office of Community
Schools (OCS) in 2015.

In this study, we estimated the impact of the NYC-CS through the 2017-2018 school
year. We assessed the effects along seven outcome domains. Four of these were at the student
level:

* attendance

* educational attainment
* academic performance
e disciplinary incidents.

The other three were school-level outcomes related to culture and climate:

* teachers’ shared responsibility for student success
e student connectedness to adults and peers
e family empowerment opportunities.

We also explored the extent to which there was heterogeneity in programmatic impact based
on student- and school-level characteristics. We leveraged innovative quasi-experimental meth-
odology to determine whether students in the community schools are doing better than they
would be doing had their schools not been designated community schools. In the sections that

2 In addition to receiving the community schools supports, Renewal Schools benefit from additional interventions

focused on improving classroom instruction and boosting academic achievement. Eleven of the 45 in the initial cohort of
AIDP schools were also Renewal Schools; in all, there were 83 new schools added to the program when the Renewal Schools
were integrated into the NYC-CS.

3 These newer cohorts of community schools are not included in the present analysis because of the limited time frame

available to measure outcomes. Also, these newer sets of community schools have a slightly different service model, with no
contracted mental health service providers using the three-tiered model, described later in this chapter.
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follow, we discuss the background literature on community school models across the country
(Chapter Two), followed by a detailed discussion of the data and methods (Chapter Three),
and then our findings (Chapter Four). We conclude with a discussion of implications for policy
and practice (Chapter Five).

Background

Community schools is an umbrella term describing schools that provide various services to
address the comprehensive needs of students, families, and communities, through collabo-
ration with community agencies and local government (Jenkins and Duffey, 2016; Oakes,
Maier, and Daniel, 2017). The U.S. Department of Education articulated that the primary
purpose of full-service community schools is to “provide comprehensive academic, social, and
health services for students, students’ family members, and community members that will
result in improved educational outcomes for children” (U.S. Department of Education, 2014).

Community schools provide various services, and each model aims to address the local
needs of the students, families, and neighborhood through a variety of comprehensive services
(Jenkins and Duffy, 2016). Community schools are also characterized by the partnerships
formed with the community through engagement and services. Community schools often
partner with CBOs to provide schoolwide preventative approaches, including social and emo-
tional learning programs, expanded learning time, adult and family services, and health and
mental health supports (Bdez et al., 2019).

Community schools were originally designed to provide a quality educational envi-
ronment for families in low-income neighborhoods by creating local partnerships with vari-
ous community organizations, encouraging and providing opportunities for engagement by
parents, and providing extracurricular activities (Bireda, 2009; Blank, Melaville, and Shah,
2003; Castrechini and London, 2012; Dryfoos, 2008; Jacobson and Blank, 2015). The com-
bination of services, engagement, and improved educational opportunities that community
schools provide can alleviate the challenges that underresourced and segregated communities
often experience (Biag and Castrechini, 2016; Fehrer and Leos-Urbel, 2016; Sanders, Galindo,
and DeTablan, 2019). However, there is also an empowerment component to the community
schools strategy, because schools strive to address students’, families’, and communities” com-
plex needs while also empowering families to generate sustainable changes in their communi-
ties. A general goal of the community schools strategy is to build strong ties among key stake-
holders through the establishment of inclusive, collaborative climates that value and expand
families’ social capital (Galindo, Sanders, and Abel, 2017).

Community Schools in the United States

Community schools are experiencing a notable expansion across the United States, with
current estimates indicating there are approximately 5,000 such schools across the country
(National Center for Community Schools, undated). This expansion is linked to a broader
movement of place-based, comprehensive education interventions that endeavor to strengthen
and organize disparate agencies and institutions in an effort to mitigate the harmful effects
of poverty. For example, the Obama-era Promise Neighborhoods program has helped more
than 70 communities create systems of integrated supports, from early childhood program-
ming to after-school programs to job training (Jacobson, 2019). The core tenets of the strategy
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are echoed in the broader, bolder approach to education reform that aims to address social and
economic disadvantages through the provision of such supports as early childhood and pre-
school programs, the extension of learning opportunities after school and in the summer, and
school-based health services (Steen and Noguera, 2010). Community schools have had staunch
support from teacher unions, with the American Federation of Teachers and the National Edu-
cation Association advocating the expansion of community schools and supporting members
interested in pursuing the strategy. Recently, a key component of the agreement ending a pro-
tracted teacher strike in Los Angeles was the Los Angeles Unified School District’s promise to
transform 30 schools into community schools, investing approximately $400,000 per school
(Quartz, 2019).

A prominent example of a community schools model is the Harlem Children’s Zone
(HCZ) in New York City, a comprehensive strategy for children and families with longer
school days and after-school activities. HCZ’s goal is to break “the cycle of generational pov-
erty for the thousands of children and families it serves” (HCZ, undated) through education
interventions and community services. Two other examples garnering national attention are
Pennsylvania and Oklahoma’s models. The United Way of the Lehigh Valley in Pennsylvania
provides services, along with its partners, to 14 community schools. Similar to other models, it
includes comprehensive services, but it relies heavily on the partners and leaders versus the dis-
trict and requires substantial support from corporate partners. Tulsa Area Community Schools
Initiative in Oklahoma is another comprehensive model that engages the families and commu-
nity by encouraging them to participate in the governance of the initiative.

Many cities have employed the community schools strategy in some of their schools,
ranging from just a handful of schools to larger programs, such as Cincinnati’s Community
Learning Centers program, with 39 schools as of 2019 and dozens more in the works. In 2011,
the country’s first districtwide community schools initiative with overarching model for stu-
dent support in all schools was established in Oakland, California (Jacobson, 2019).

Community school models are quite varied in terms of size, budget, menu of program-
ming, and partnership structure; however, most community school initiatives have many com-
monalities that converge in four core evidence-based features, as Oakes, Maier, and Daniel
(2017, p. 1) articulate in their comprehensive literature review:

* Integrated student supports. Youth development is integrated across academics,
programs and services. Additionally, mental health, medical, and social services are
integrated into the schools and available to students who need them.

* Expanded learning time and opportunities. Expanded learning time includes aca-
demic interventions and enrichment activities and is aligned with school-day curricu-
lum and expectations.

* Family and community engagement. Parents and the community help design and
plan the Community School according to its strengths and needs, and parents and
caregivers are active partners in their children’s education. Additionally, family mem-
bers have access to education opportunities and programs that strengthen families.

* Collaborative leadership and practices. Schools implement a collaborative school
governance structure that includes a lead Community-Based Organization (CBO)
partner and members of a School Leadership Team. Additionally, school leadership
has a clear instructional vision and high expectations for all students.
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These four components align with the core structures that the NYC-CS has in place
(as shown in the “NYC-CS Theory of Change” section in Chapter Two). In the next section,
we summarize evidence about the effectiveness the community schools™ strategy, organized
around these features. We also discuss the evidence about comprehensive models that incorpo-
rate some or all of these components.

Prior Research on the Community School Strategy

There is an emerging evidence base on the efficacy of the community schools approach, both
in the quantity of studies and the statistical rigor of the work. Over the past decade, various
high-quality studies (i.e., randomized controlled trials or quasi-experimental design) evaluat-
ing the impact of the community schools model as a comprehensive strategy, as well as studies
of the core features (e.g., integrated student supports, expanded learning time, family and com-
munity engagement, and collaborative leadership) have emerged (for systematic reviews, see
Maier et al. [2017] and Moore et al. [2017]). Broadly, the evidence base suggests some positive
academic, behavioral, and social-emotional gains for students in schools participating in com-
prehensive community school initiatives. Full-service community schools have been linked to
greater access to coordinated services for families, lower family stress, increased family engage-
ment, and lower chronic student absenteeism (Arimura and Corter, 2010; Hancock, Cooper,
and Bahn, 2009; Olson, 2014). In addition, several studies have found that community school
programming has been linked to reductions in student absences (e.g., Dobbie and Fryer, 2011;
ICF International, 2010b; Kemple, Herlihy, and Smith, 2005).

There is also evidence that comprehensive community school reforms may improve
school climate outcomes. In Baltimore, the families of students at community schools were
more likely to report that school staff cared about their children, connected them with com-
munity resources, and worked closely with their children to learn compared with parents at
non-community schools (Durham and Connelly, 2016). In addition, Olson (2014) found that
parents at community schools had higher response rates to school climate surveys than parents
from a comparison group of non-community schools. And finally, LaFrance Associates (2005)
found that students at full-service community schools had greater improvements in attitudes
toward school and improved quality relationships with adults.

Findings for academic achievement have been mixed, with some evidence of improve-
ments in students’ grades (LaFrance Associates, 2005) but other results suggesting no dif-
ferences in math and reading achievement (Adams, 2010). On the contrary, multiple quasi-
experimental design studies of the City Connects program in Boston found positive impacts on
math and English language arts (ELA) test scores of high-poverty elementary school students
(Walsh et al., 2014), particularly first-generation immigrants and English language learners
(Dearing et al., 2016). Although Cummings, Dyson, and Todd (2011) found some evidence
of academic improvements for the most-disadvantaged students, there was no evidence of an
overall effect for all students. In addition, a series of randomized control trials of Communi-
ties in Schools interventions found positive impacts on math and reading test scores for some
cohorts of students in some study sites, but there were no consistently positive impacts for all
students in all study locations (ICF International, 2010a, 2010b).

Fewer evaluations examined disciplinary outcomes and found mixed results (Maier et al.,
2017). Additionally, evidence regarding behavioral health outcomes is limited, although there
is suggestive evidence that community schools might help cultivate healthy student behaviors
through improved school culture and climate (Maier et al., 2017). The recent literature review by
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Child Trends reported on four studies that found declines in risky behavior and behavioral prob-
lems. Similarly, the report listed four studies that found a positive relationship between socio-
emotional development and integrated student support models (Moore et al., 2017). On the other
hand, evaluations of Communities in Schools programs—in Austin, Texas; Jacksonville, Florida;
and Wichita, Kansas—all found null effects on behavioral problems (ICF International, 20104,
2010b, 20100).

Finally, there is emerging evidence that implementation timing and fidelity are likely to
be important factors. For example, two studies report that the greater the extent and fidelity
of implementation, the greater the positive outcomes (Comer and Emmons, 2006; Kalafat, IlI-
back, and Sanders, 2007). In addition, Dryfoos (2008) and Smith, Anderson, and Abell (2008)
point out that achievement outcomes develop slowly, only after an intervention has been in
place for several years. Thus, evaluation results that are based on early implementation may not
be an accurate estimate of a program’s full potential impact.

Although the community school strategy is not particularly new in the United States
or even in New York City, the model has expanded rapidly, from 45 schools in 2014 to more
than 100 schools in 2016 to 258 schools as of fall 2018. With that scale-up (both in New York
City and nationwide) comes heightened interest in understanding the impact of the model and
whether the rapid expansion may come at the expense of program quality (Kirp, 2019). Thus,
it is imperative to conduct a rigorous evaluation of the impact of the community schools strat-
egy in New York City, to which we turn our attention in Chapter Two.



CHAPTER TWO
Community Schools in New York City

Similar to other community school models that have been implemented across the country,
the NYC-CS is based on principles of organizing resources and establishing collaborative lead-
ership so that academics, health and wellness, and family empowerment are integrated into
the fabric of each school. The NYC-CS embodies the existing framework of the community
schools model that includes the four core evidence-based features (collaborative leadership and
practices, family and community engagement, expanded learning time and opportunities, and
integrated student supports) most commonly seen among community schools (Maier et al.,
2017), and it has adapted those elements to meet the unique needs of New York City students,
families, and communities, at a scale that is unprecedented in the United States thus far.

New York City Community Schools Initiative’s Theory of Change

The NYC-CS uses a capacity-building model to support community schools” positive devel-
opment along four key capacity domains—continuous improvement, coordination, connect-
edness, and collaboration (see the center column of Figure 2.1 for definitions). This capacity-
building model moves beyond merely injecting services in schools and is intended to be more
sustainable so that schools and communities are able to work together and effectively support
students and communities.

As shown in Figure 2.1, the NYC-CS Theory of Change posits that community schools
will develop along the four capacities in support of the whole child when NYCDOE invests
in operations and administrative support, infrastructure and technical assistance, holistic tools
and resources, new programs and initiatives for students and families, and organizes strate-
gies for schools and CBOs. In addition to the four core capacities being fostered within each
school, there are four core evidence-based features that are present within each of the commu-
nity schools, including collaborative leadership and practice, family and community empower-
ment, expanded learning time, and wellness and integrated student supports. The model posits
a feedback loop between the development of the core capacities and the implementation of the
key evidence-based features, such that capacity improvements are likely to beget more effective
implementation of the program features, which in turn might contribute to greater capacity
development.

Although not an explicit goal of the NYC-CS, we also included school demand as an
intermediate outcome and potential mediator of student outcomes, such as average school aca-
demic performance and attendance. As the community perceives that community schools are
improving, we expect the number of students applying to and enrolling in these schools will



Figure 2.1

New York City Community Schools Initiative Theory of Change
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increase. We also expect more applications and enrollment from less disadvantaged students
who previously opted for other schools that required families to find, enroll in, and travel to
resources. A decrease in the proportion of disadvantaged students could lead to improved
average student outcomes at the community schools, even if the community schools were not
improving the outcomes of individual students. Therefore, we examined not only whether
demand increases but also whether any improvement in average outcomes is attributable to
changes in school composition, improvements in individual outcomes, or both.

Each community school has the flexibility and autonomy to select its lead CBO partner
with whom it works to develop the specific menu of programs and services for its community.
The OCS provides schools with implementation support, primarily through program manag-
ers (who are each responsible for 13 to 15 schools). Program managers serve as coaches to sup-
port schools’ capacity development as they implement the four core features of the community
school strategy. Program managers also support effective implementation of collaborative plan-
ning meetings in which multiple stakeholders analyze academic and financial data to ensure
equitable allocation of resources to meet student needs. Schools are required to hold at least
three of these meetings per year, with attendees including the principal (or designee), CSD, key
staff from CBO partners, and the school mental health manager (SMHM).

SMHMs are based in New York City’s Office of School Health and are responsible for
supporting the implementation of mental health programs, which fall under the umbrella of
Wellness and Integrated Student Supports. SMHMs support these efforts by helping establish,
expand, and promote the three-tiered model (described in more detail below); collaborating
with schools, CBOs, mental health providers, and other key stakeholders; and monitoring
progress within the schools. In addition, outreach specialists from the Division of Family and
Community Engagement in the NYCDOE work with schools to support family engagement
efforts in the NYC-CS.

With schools implementing the four core evidence-based features and developing along
the four core capacities, the Theory of Change hypothesizes, in part, that these efforts will lead
to improvements in school climate and students’ academic and behavioral outcomes. Next, we
describe the four core features of the NYC-CS in more detail.

Core Evidence-Based Features of a New York City Community School

As part of its Theory of Change, the NYCDOE identified four core evidence-based features to
be implemented by all community schools in New York City. The features include (1) collab-
orative leadership and practice, (2) family and community empowerment, (3) expanded learn-
ing time, and (4) wellness and integrated student supports. These core evidence-based features
were informed by national research (e.g., Maier et al., 2017), as well as local input from New
York City principals, CBO providers, community partners and members of the NYC Commu-
nity Schools Advisory Board. According to the New York City Community Schools Strategic
Plan," every community school is intended to uniquely reflect the strengths and needs of its
students, families, and local community. Given this need for flexibility and responsiveness to
the needs of the local community, it is best to think of the NYC-CS features as a way to ensure
consistency and accountability across community schools while allowing flexibility for schools
to innovate and customize their services to best meet the needs of their community and stu-

1 See New York City Community Schools website for the full strategic plan (New York City Community Schools,

undated).
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dent population. That being said, the schools in the NYC-CS are expected to implement some
type of programming related to each feature.

Collaborative Leadership and Practice

In the NYC-CS model, collaborative leadership and practice includes four key compo-
nents: (1) CBO partnerships and CSDs, (2) data-informed planning and interventions,
(3) interagency and public-private partnerships, and (4) assets and needs assessment. Under
this model, each school is paired with a lead CBO partner who works collaboratively with
the principal and other school leaders to carry out the NYC-CS at the school level, which
includes the hiring of a CSD—a full-time staff person in the school building who is focused on
assessing school and student needs, securing resources, and coordinating services for students,
families, and the school community across organizations and partners. In addition to the lead
CBO, which hires the CSD and serves to coordinate services at the school, most schools also
work with various other partner CBOs to implement the programs associated with the NYC-
CS. The CBOs are often nonprofit social service, education, or health/mental health organiza-
tions; their partnerships with schools are formalized in contracts, memoranda of understand-
ing, or linkage agreements.

The use of data to inform continuous improvement is also a core component of NYC-
CS. The initiative encourages schools to engage in strategic data collection and analysis that
will inform program decisions and help align outcomes with the school’s needs. Key staff from
the school and CBO partners conduct an annual assets and needs assessment of the school
and community to determine their academic, health, social, and emotional needs, along with
resources and assets present in the school and community. School and student goals (and the
school’s progress toward achieving those goals) are regularly shared among all school partners
through data inquiry and collaborative data review.

To support the use of real-time data to inform school efforts, schools and lead CBOs have
been provided with access to a data portal developed by New Visions for Public Schools (N'V).
The portal allows for regular conversations between school administrators and CBO staff to
manage critical school processes, such as course programming and interventions for student
academics, attendance, and well-being. The conversations are grounded in school-specific data
tools, which organize key data on each student and help facilitate the workflow of critical
student- and school-level tasks.

Family and Community Empowerment

Core to the NYC-CS is successful family engagement that ensures that parents and caregivers
are enlisted as partners in their children’s education and well-being through involvement in
implementing the community schools model. This model is rooted in principles of commu-
nity organizing, which see parents as partners with capacities of their own that can contrib-
ute to educational improvements (Mapp and Kuttner, 2013). The NYC-CS seeks to engage
and empower families through collaborative school-based governance, family organizing, and
leadership development. These activities may manifest through the work of an existing school
leadership team (SLT) and community school team, as required by the NYCDOE, or via data-
sharing with families to engage them in decisionmaking about school initiatives. Multiple
school- and central office—level staff members are dedicated to supporting family engagement
in the NYC-CS. For example, each community school has a parent coordinator who focuses
on meeting parents’ needs and creating opportunities to engage families in school activities.
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In addition, outreach specialists from the Division of Family and Community Engagement,
an agency within the NYCDOE, work with community school staff and school leadership to
develop schools’ capacity to carry out effective family engagement practices.

Expanded Learning Time

Expanded learning time is a strategy used by schools to redesign their school days and/or
yearly calendar to provide students, particularly in communities of concentrated poverty, with
substantially more and better learning time (Jacobson and Blank, 2015). Given the focus on
improving students” academic success, additional learning time—through expanding the tra-
ditional school day and/or offering after-school and/or summer enrichment programs—is core
to the community school strategy in New York City. Under the NYC-CS, expanded learning
time includes the following components: (1) more hands-on learning experiences, (2) CBOs’
cofacilitation of programs before, during, and after school with school administration and
staff; and (3) the availability of summer programming.

Wellness and Integrated Student Supports

Under the NYC-CS model, community schools offer various wellness and integrated student
supports that address mental health, reproductive health, vision, mentoring for students at risk
of chronic absenteeism, and services for vulnerable youth (e.g., homeless youth, immigrants,
witnesses of domestic violence). The availability of specific services and programs might vary
from school to school based on the needs of the students and the existing programs in the
school. Although all of these services fall under the NYC-CS umbrella, we focus here on the
mental health component.

Under the NYC-CS, community schools are expected to enhance inclusion/presence of
mental health programs and services, foster a seamless integration of these programs/services
with other academic and health supports, and facilitate the coordination and integration of
efforts across institutions (e.g., schools, communities, schooling systems, and government enti-
ties). In this context, NYC-CS has adopted a public health model for mental health and the
three-tiered model to delivering mental health programs (Fox et al., 2003; Fox et al., 2009).

Mental health programs and services are intended to promote the emotional well-being
and healthy functioning of all students through three tiers of supports (Tier 1: Universal; Tier
2: Selective; and Tier 3: Targeted [see Figure 2.2]). Tier 1 programs are usually preventive in
nature, addressing social-emotional health before problems arise and are inclusive of all stu-
dents. Tier 2 interventions do not replace Tier 1 interventions, but rather are supplemental and
focus on early intervention for atrisk students. Tier 3 services or treatments are designed to
meet the needs of a few students with diagnosable mental health disorders. In tiered models,
the intensity of the service or program increases progressively and the determination of which
services or programs are offered to a student is based on a combination of the individual needs
of the student and outcome goals of the service (e.g., building universally beneficial social and
emotional skills versus addressing clinical symptoms of a disorder by accessing onsite mental
health treatment services). There is a strong evidence base linking participation in schoolwide
multitiered models to mental health with a variety of educational outcomes improvements
(e.g., standardized assessment test scores), attendance, behavioral outcomes (e.g., mental health
outcomes), school engagement, and fewer discipline referrals and suspensions (Kase et al.,
2017; Sanchez et al., 2018).
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Figure 2.2
Three-Tiered Model of Mental Health Services

Supports and resources for the few
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help-seeking.

SOURCE: Definitions for tiers provided by the New York City Department of Health and Mental Hygiene and
adapted from Fox et al. (2003 and 2009).

The services implemented by the Office of School Health do not offer a cookie cutter
model. The breadth and depth of programming and services differ across schools based on
their funding profile and are tailored to school and student needs. To support the adoption of
the three-tiered model to delivering mental health programs and services and to help foster a
cultural shift within the community schools to view mental health and well-being as an inte-
gral part of students’ academic success, the Office of School Health assigned each school to an
SMHM who supports implementation efforts across multiple schools. Mental health managers
work closely with the CSD, principal, assistant principal or dean, and the school-based sup-
port team, which might include social workers, the school psychologist, guidance counselor, or
community mental health provider, to establish, expand, and promote the three-tiered model
and monitor progress within the schools.

Core Capacities
In addition to the core components described above, the NYC-CS Theory of Change also con-
siders the extent to which schools are developing in key areas of school governance and opera-
tions. The four core capacity domains are briefly defined in Figure 2.1, and we provide more
information on our operationalization later in this chapter, in Appendix B of this report, and
in our previous report on NYC-CS implementation (Johnston et al. 2017).

First, the continuous improvement core capacity represents the ongoing collection and
analysis of data to assess needs and guide decisions. This capacity score is measured via a com-
posite score of responses from a school leader survey administered by RAND in 2016 related to
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whether school staff use data regularly to set benchmarks, track progress, and guide program-
ming, both for individual students and for the school as a whole (see Appendix B for specific
items). Second, the coordination core capacity is defined as the strategic alignment of varied
programs and agencies to ensure equitable delivery of the right services to the right students
at the right time. This score is based on survey items related to schools’ ability to strategi-
cally align various CBO partners and integrated programs to efficiently provide students with
high-quality, well-integrated programming. Third, the connectedness core capacity is defined
as positive relationships among adults and students that foster a sense of community among
all stakeholders and encourage resilient academic and personal behaviors among students. We
measured connectedness via school leader reports of the sense of community among school
and CBO staff as well as students and families. The collaboration core capacity is defined as
the effective alliances between schools and their CBO partners, along with the integration of
families’ voices in school engagement and student learning. This score is based on school leader
reports of the strength of the partnership between the school and CBO, the principal and the
CSD, and the level of family engagement at the school.

These core capacities are intended to be mutually reinforcing with the effective imple-
mentation of the more-tangible core components—i.e., when schools implement more aspects
of the program, they will develop their capacities in key ways, which will in turn facilitate
more effective programmatic implementation. This capacity-building model to school reform
moves beyond merely injecting services into schools and is intended to be more sustainable so
that schools and communities are able to work together and effectively support students and
communities. With schools implementing the core components and developing along the four
core capacities, the Theory of Change argues that these efforts will lead to positive academic,
behavioral, and socioemotional outcomes for both students and their families.

Implementation Findings

In 2017, RAND published the results of an analysis of the first two full years of implementa-
tion of the NYC-CS model (Johnston et al., 2017). Our analysis focused on the implementa-
tion of the core program components and schools’ development of the core capacities, focusing
on the same set of community schools that we examined in this impact study. In this section,
we provide a summary of the key findings.

Implementation of the Core Components

Our analysis of the implementation of collaborative leadership in community schools found
that the majority of schools in the NYC-CS were implementing most of the key program
components. For example, all schools had established partnerships with lead CBOs and hired
CSDs by the 2016-2017 school year, with most school leaders indicating that the program-
ming being provided by CBOs was aligned with their vision for schools’ needs (approximately
90 percent of school leaders). We also found that 80 percent of schools reported having data-
driven meetings to address attendance trends in the 2015-2016 and 2016-2017 school years,
which was up from 59 percent in 2014-2015. Lastly, we found prevalent use of strategic data
check-in practices by the 2015-2016 school year, with 74 percent of community schools having
conducted three or more strategic data check-ins, and 92 percent indicated they were using NV
real-time data analysis tools, such as the NV Data Sorter.
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Regarding family and community empowerment, we found that community schools
were becoming fertile ground for robust family engagement and empowerment. Surveyed
principals and CSDs said they felt that the transformation into a community school increased
participation among family members, and 81 percent of respondents indicated that families
were more present in the school as a result of the NYC-CS. In our review of administra-
tive data, three main categories of family engagement activities and opportunities emerged:
(1) leadership opportunities, collective decisionmaking, and relationship building; (2) social
and educational services that meet the needs of the whole family; and (3) opportunities to
share and collect data with families.

Regarding expanded learning time, we found that more than 90 percent of community
schools were offering expanded learning time programming after school by the 2015-2016
school year, an increase from 59 percent the prior year. This programming included various
activities, such as visual and performing arts, academic enrichment, and standardized test
preparation.

Finally, regarding wellness and integrated student supports, we found that the three-tiered
model of mental health services was increasingly common but not universal at community schools
by the 2016-2017 school year. Specifically, we found that more than 80 percent of community
schools implemented a three-tiered mental health service model in the 20162017 school year, up
from approximately 50 percent in 2014-2015. Our analysis suggested a great deal of variation in
the types of mental health services that schools are administering, with many schools still plan-
ning to implement staff professional development, student skill-building, family services, crisis
intervention, and mental health screening and assessments.

Development of the Core Capacities

In our implementation report (Johnston et al., 2017), we describe the creation of the core
capacity scores, which we then compare with principals” self-assessment of their levels of devel-
opment along an established “stages of development” rubric used by the OCS as a planning
tool for Program Managers.?

We found considerable variation in schools” scores along the core capacities, as shown
in Figure B.1 in Appendix B. To help with interpretation of the scores, we centered all of the
index scores at the mean, so that positive index scores should be interpreted as being above
the mean and negatives scores as below the mean for that index. As we show in Figure B.1, we
found that the minimum values were much further from the mean than are the maximum
values. In other words, although we do not see many exceptionally high-scoring schools across
the four indexes, there are a handful of schools that appear to be substantially lower in capacity
than the average community school.

When comparing capacity scores with school leaders’ assessments of their schools’ status
on the stages of development rubric, we found that principals said they felt their schools were
more developed in their initiatives related to coordination and connectedness than in continu-

2 The stages of the development rubric identifies four sequential stages that schools pass through as they develop along

the capacities. The stages are: (1) exploring, a planning stage before implementation in which schools express optimism and
curiosity about the work; (2) emerging, a stage in which schools deepen collaboration among all stakeholders and define
community partnerships to facilitate program implementation; (3) maturing, a stage in which schools make steady, inten-
tional progress toward the community school vision as implementation begins and service usage increases; and (4) excelling,
a stage in which schools are implementing quality programs that are guided by the collective governance of many commu-
nity stakeholders.
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ous improvement and collaboration. Specifically, 81 percent and 70 percent of school leaders,
respectively, said felt they were “maturing” or “excelling” in their coordination and connect-
edness efforts. Furthermore, more than half of the school leaders rated themselves in these
more-advanced two stages on continuous improvement and collaboration capacity domains.
However, across all four core capacities, the largest share of school leaders indicated that they
were in the “maturing” stage, suggesting schools are progressing toward implementing the full
community schools model.

The Present Study

The primary goal of this evaluation was to assess programmatic impact on various outcomes
through the 2017-2018 school year. In this study, we assessed impact along seven outcome
domains (attendance, educational attainment, academic performance, disciplinary incidents,
teachers’ shared responsibility for student success, student connectedness to adults and peers,
and family empowerment opportunities) and explored the extent to which there was heteroge-
neity in programmatic impact based on student- and school-level characteristics. We leveraged
innovative quasi-experimental methodology to determine whether students in the community
schools were performing better than they would be doing had their schools not been desig-
nated as community schools.
The specific research questions that we sought to answer are as follows:

e What is the impact of the NYC-CS on outcomes related to attendance, educational
attainment, academic achievement, student behavior, and school climate and culture?

* To what extent are the overall impacts of NYC-CS being observed among key subgroups
of students within schools?

* To what extent are there differences in program impact related to such school characteris-
tics as programmatic implementation, grade configuration, principal experience, and the
residential dispersion of students?

In Chapter Three, we describe the data sources, key measures, and methodology
for our analysis. This is followed by a presentation of our findings and then a discussion of
implications for policy and practice.






CHAPTER THREE

Data and Methods

In this chapter, we describe the data and methodology used to answer the research questions
listed in Chapter Two. Our general approach was to leverage a quasi-experimental design that
compares the outcomes of students in community schools with the outcomes of their peers
who attend a carefully selected group of similar comparison schools. We examined the effect
on seven outcome domains. Four of these were at the student level (attendance, educational
attainment, academic performance, and disciplinary incidents), and the other three were at the
school level (teachers’ shared responsibility for student success, student connectedness to adults
and peers, and family empowerment opportunities). Our comparison schools were chosen to
match the community schools on preinitiative outcomes, as well as on other characteristics that
are known to be related to changes in these outcomes.

We first describe the various data sets and measures we used for matching and impact
estimation and then present the details of our matching and impact estimation methods.

Data Sources

The NYCDOE provided virtually all of the data used in our analysis. The OCS provided pro-
grammatic data that allowed us to identify which schools were among those in the NYC-CS
in each year of the study period, as well as additional details about resources and program-
ming. The Research and Policy Support Group provided deidentified student-level data under
a data-use agreement and school-level data on students and staff available to the general public
on school websites. Table 3.1 lists these data sources and briefly describes their content. Data
are for all NYCDOE schools, staff and students for 2009-2010 through 2017-2018 unless
otherwise noted.

Measures

Outcome Measures
This section provides more detail on the primary outcomes that we analyzed. These outcomes
are listed in the blue box in Figure 2.1 in Chapter Two.

Student Outcomes

In our primary analysis, we used a total of five student outcomes from NYCDOE administra-
tive data, four of which were available for elementary and middle school students and four of
which were available for high school students. As we describe below, we used student-level data

17
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Table 3.1

Summary of Data Sources

Data

Content Summary

Reporting
Unit (Level of
Aggregation)

Notes

School survey—student Students’ connectedness to adults and School Only 2015-2018
module peers
School survey—teacher Shared responsibility for student success School Only 2015-2018
module
School survey—parent Opportunities for family empowerment School Only 2015-2018
module
Community school program Community school status by year School
designation
Student characteristics Demographics, economic disadvantage, Student
English language learner, special
education, year of birth, grade
New York test scores ELA, math, science and social studies Student
(grades 3-8)
Graduation Status four years after entering grade 9 Student
Attendance Days present, days absent, chronic Student
absenteeism
Credits earned Course credits earned Student
Discipline Disciplinary incidents, coded by type and Incident
severity
Enroliment Entrance and exit date and reason Student
by school
Choice Data on whether the student listed the Student
school as first choice
Transfer Fraction of students transferring schools School
midyear or during nontransition years
AIDP application review AIDP grant application score School One-time
application from
2014
OSH program information Program implementation School Community
schools only

RAND-developed school leader Program implementation
survey

School (principal Community
or CSD) schools only

to create averages for these outcomes, either for all students within each school or for student
subgroups within each school. For elementary and middle schools, we used the following: a
measure of the proportion of students in the school who are chronically absent (i.e., who miss
more than 10 percent of the school days), the proportion of students who progress on time to
the next grade, the average end-of-year test scores for students in the school, and the number
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of disciplinary incidents per student in the school.! Our on-time progression measure excludes
students who are recorded as transferring out of the NYCDOE system. The test scores are
available every year for students in grades 3 through 8 and are standardized for every grade
and year; that is, the average test score is rescaled to zero and the standard deviation (at the
student level) to 1 for all grades and years. For example, scores have an average of zero and a
standard deviation of 1 for students in grade 5 in 2014-2015 and for students in grade 6 in
2017-2018.2 Rescaling test scores in this fashion is common in education research. It provides
a familiar scale for impact estimates. For example, one standard deviation on either side of the
mean contains about one-third of the student population. If a program has an impact of 1 on
standardized test scores, that suggests that a student who would have had a median test score
in the absence of the program will end up with a test score in about the 83rd percentile.

For high schools, we used many of the outcomes described above, but did not include
the average test score since high school students no longer take a year-end test.> We also used
the cohort four-year graduation rate rather than on-time progression to the next grade. As
with the younger students, we excluded students who were recorded as transferring out of
the system from the on-time progression calculation. We also included a measure of the aver-
age number of credits accumulated for each student in each year, which can be viewed as a
measure of whether students are progressing through high school on time and their academic
achievement.

In addition to these primary outcomes, we analyzed additional secondary outcomes in
each of these domains. For example, we examined the percentage of enrolled days absent in
addition to the primary outcome of chronic absenteeism. We also examined suspension rates
in addition to the primary outcome of disciplinary incidents. Impacts on these secondary out-
comes were generally aligned with the estimated impacts on the primary outcomes that we
report here. The estimates of the impact on secondary outcomes are available upon request.

School Climate and Culture

As described above, NYC-CS uses a capacity-building approach to support community schools’
positive development along key capacity domains—continuous improvement, coordination,
connectedness, and collaboration—that are geared toward improving school culture and cli-
mate as well as student outcomes (Johnston et al., 2017).

1 We had initial interest in examining additional measures that reflect student mental health. However, because of data

constraints, we focused on disciplinary incidents as the main mental health correlate in this study.

2 Although the standardization of test scores is done at the student level, the summary statistics shown in Table 4.1 are at

the school level. Therefore, the mean school-level average will not be equal to zero and the standard deviation will not be
equal to 1. Also, we should point out that the test underwent a change in 2017-2018, but the strategy of standardizing at
the student level remained consistent.

3 High school students take the New York State Regents Examination. However, because this exam is only available

for a relatively small portion of high school students each year and because of complications arising from multiple types
of Regents exams and the nonrandom timing of when students take the exams, we have chosen not to use Regents exam
records as an outcome.

4 We are aware that many of the students in the graduating classes were exposed to NYC-CS during the last year or two of
their academic careers. However, our analysis of the data indicates that most of the important variation in graduation rates
involve differences in outcomes for seniors rather than for students in grades 9 through 11. Therefore, we contend that gradu-
ation rate is a valid measure to assess the initiative’s impact at the high school level. Also, we use credit accumulation as an
additional high school outcome, which allows us to estimate the effect of the initiative on students in grade 9 through 11.
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Although there is an emerging body of literature on the impact of the community school
strategy on student outcomes (Maier et al., 2017), there is limited evidence showing how the
program is related to school climate and culture. For a notable exception, see Daniel et al.,
2019. Therefore, in this report, we consider the impact of NYC-CS on a series of measures of
school culture and climate that are hypothesized to support school improvement and student
success (Bryk et al., 2010).> Specifically, we describe the impact of the NYC-CS strategy on
(1) teachers’ perception of shared responsibility for student success, (2) students’ sense of con-
nectedness to adults and classmates, and (3) families’ reports of opportunities for engage-
ment and empowerment. These indicators are derived from the New York City School Survey
(NYCSS) and aligned with New York City’s Framework for Great Schools (NYCDOE,
undated-a).

The indicators are measured at the school level based on teacher, student, and parent responses
to the NYCSS. Following the strategy used by NYCDOE to estimate School Quality Reports,
we created a composite indicator through a two-step process (NYCDOE, undated-b). First, we
calculated the percentage of positive responses for each item (e.g., the percentage of respondents
indicating they “Agree” or “Strongly Agree” with a particular item). Second, we calculated the
average percentage of positive responses across all the items in that particular domain.

See Table 3.2 for a summary of the NYCSS survey items as they were worded in the 2016
survey. Before 2015, there was too little overlap between the survey items to enable the creation
of comparable measures, so we do not have measures of these outcomes prior to 2015. Fur-
thermore, although the survey went through a substantial revision following the 2015 version,
we were able to crosswalk items from that year, thus enabling us to include measures for four
academic years (2014-2015 though 2017-2018).

Demand Measures

To measure whether the NYC-CS affected school demand, we used three demand measures,
as well as estimating whether the demographic makeup of the schools was affected. The first
measure of demand is derived from NYCDOE’s school choice data and is referred to as “frac-
tion who listed as first choice.” This measure is the number of students who listed a school as
their first-choice school divided by the overall number of students who are admitted that year.
A ratio greater than one means that more people listed the school as their first choice, while
a ratio less than one means that it was not the top choice of some of the students who were
admitted.

The second measure we used was the fraction of students who left the school early. For
elementary schools, this is a measure of which fraction of students in grades 1 through 4 were
observed in a different NYC public school in the following year; for middle school, this mea-
sures the fraction of students in grades 6 and 7 who switch to a different NYC public school
in the next year and for high schools, it is the fraction of students in grades 9 through 11 who
do so.

The final measure is the number of students who transferred into the school in nontra-
ditional grades. For elementary schools, this measures the fraction of students in the grades 2

> Although these climate measures may be considered by some to be potential mechanisms that in turn influence student

outcomes, we did not formally test for an indirect or mediated effect because of data constraints related to the length of the
study period. Therefore, we treated these measures as distal outcomes, just the same as we analyze such student outcomes
as attendance and academic achievement.
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Table 3.2
New York City School Survey Items Used to Calculate Outcome Measures

Domain Survey Items

Shared responsibility for ~ How many teachers at this school . . .
student success (NYCSS
teacher module) [None, Some, A Lot, All]

a. Help maintain discipline in the entire school, not just their classroom?

b. Are really trying to improve their teaching?

(el

. Take responsibility for improving the school?

d. Feel responsible for helping students develop self-management?
e. Are willing to take risks to make the school better?

f. Are eager to try new ideas?

g. Feel responsible that all students learn?

Student connectedness How much do you agree with the following statements?
to adults and classmates
(NYCSS student module)  [Strongly Disagree, Disagree, Agree, Strongly Agree]

a. I'mlearning a lot in my classes at this school to prepare me for the next grade
level.

b. There is at least one adult in the school that | can confide in.
c. My teachers will always listen to students’ ideas.

d. My teachers always keep their promises.

e. My teachers treat me with respect.

f. When my teachers tell me not to do something, | know they have a good
reason.

g. My classes at this school really make me think.
h. Discipline is applied fairly in my school.

i. School safety agents promote a safe and respectful environment at
this school.
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Table 3.2—Continued

Domain Survey Items
Opportunities for Please mark the extent to which you disagree or agree with each of the following
family empowerment statements about this school.

(NYCSS parent module)
[Strongly Disagree, Disagree, Agree, Strongly Agree]

a. School staff regularly communicate with parents or guardians about how
parents can help students learn.

b. Parents/guardians are invited to visit classrooms to observe instruction.
c. Parents/guardians are greeted warmly when they call or visit the school.

d. Teachers and parents/guardians think of each other as partners in educating
children.

e. Teachers work closely with families to meet students’ needs.
f. Teachers communicate regularly with parents/guardians.

g. The principal or school leaders encourage feedback from parents/guardians
and the community through regular meetings with parent and teacher leaders.

h. Teachers understand families’ problems and concerns.

NOTE: Underlined response options indicate an affirmative or positive response. The average school-level
response rate for NYCSS across the four years of data was 62.4 percent for teachers, 61.3 percent for students,
and 53.7 percent for parents.

through 5 who attended a different NYC public school in the previous year. For middle schools,
we focus on students in grades 7 and 8 and for high schools we focus on grades 10 through 12.6

Student Subgroup and School-Level Heterogeneity Measures

Student Subgroup Analysis

In addition to estimating overall program effects, we considered whether particular subgroups
of students within the schools were differentially affected by the NYC-CS than the rest of the
students. For example, we asked whether the NYC-CS had larger impacts on individuals who
were classified with a disability than would be expected based only on the average impact.
Here, we start by defining the subgroups of students to focus on that have been identified by
NYCDOE and OCS as being of particular interest: those who are classified as being in pov-
erty, those in temporary housing, those who are English language learners, students with high-
incidence disabilities, males, females, black students, and Hispanic students. We calculated
the average outcomes for each school in each year, using only students who are in the relevant
subgroup. For example, we calculated the average test scores of students who are classified as
having a high-incidence disability in each school and each year.

©  Given the relatively high rates of turnover between the elementary and middle school grades, we ignored student transi-
tions between grades 5 and 6 (even in schools teaching kindergarten through grade 8) when constructing this measure.
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School-Level Heterogeneity

Additionally, we explored whether schools with certain characteristics were differentially
affected by the NYC-CS than others. To do so, we first identified subgroups of schools that
might have been affected by the NYC-CS differently than the average school. We settled
on six school subgroups that were of interest to NYCDOE and OCS: large schools, small
schools, schools that predominantly served students who were zoned to that school (“highly
zoned schools”), schools that predominantly served students who were not zoned to that school
(“lightly zoned schools”), schools run by a more recently hired principal, and schools run by
a longer tenured principal. We only present the zoned analysis for elementary and middle
schools; NYC does not typically zone high schools.

We used measures in spring 2015 to define all of these subgroups under the theory that
we wanted to measure such aspects as principal stability in what was the first year of implemen-
tation for most of the schools. We defined large schools that were above the median size and
small schools that were below the median size, doing this separately for elementary, middle,
and high schools. For example, we defined a high school as being a small school if it was below
the median size of all high schools. Similarly, we defined highly zoned schools as those serving a
higher percentage of students zoned to their school than the median school and /ightly zoned
schools as those serving a lower percentage of students zoned to their school. For this analy-
sis, we also included nonzoned schools as a third category. We defined principal status based
on the number of years the principal had worked at the school as of the 2014-2015 school
year, with values above the median indicating a longer tenured principal and values below the
median indicating a more recently hired principal. Finally, we also estimated whether the
estimated effects differed depending on a schools’” codesignation as a Renewal School.

We also assessed school-level heterogeneity based on schools’ varying levels of program
implementation, which we describe in the following section.

Implementation Measures

Core capacity scores. To understand the relationship between implementation and subse-
quent impact, we used a scaled numeric value for each core capacity. As described in Johnston
et al. (2017), the core capacity scores were derived from a school leader survey administered
by RAND in 2016 and focused on schools’ capacity development through the 2015-2016
school year. The implementation scores we present are continuous measures to capture various
values that are most useful when comparing schools with one another. The NYC-CS model
is intended to be a developmental, capacity-building approach to school improvement, so we
contend that it makes sense to measure and analyze schools’ development on a spectrum rather
than a binary indicator of simply “present” versus “absent.”

These scores are weighted composites of multiple survey items, each one a Likert-scale-
type response about the presence or absence of a particular program element or, in some cases,
a judgment about the relationships and behaviors of key staff and institutions. All survey
items were phrased with a positive valence such that a higher value indicates a greater degree
of implementation—higher values on the resultant indexes suggest greater levels of capacity
development. These capacity dimensions are defined in Chapter Two; in Appendix B, we pro-
vide a summary of the survey items that contributed to each capacity index measure, along
with the principal component analysis (PCA) weight that was used to calculate the scores.

Mental health implementation profiles. The breadth and depth of mental health pro-
gramming and services differ across schools and are tailored to school and student needs. In
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order to assess the impact of mental health programs and services, we created mental health
service implementation profiles among the community schools, which represent a typology of
implementation experiences rather than a qualitative evaluation of high versus low implemen-
tation levels. We endeavored to capture variations in how programs and services were provided
for students, teachers, and families, while also capturing information on buy-in and awareness
among school staff and other stakeholders.

To determine how many different types of profiles there are across schools, we conducted
a multivariate cluster analysis. A cluster analysis groups the data points in such a way that
schools in the same profile, or c/uster, are more similar to each other than to those in other pro-
files. Cluster analysis is a data analysis technique that seeks to maximize differences between
clusters while minimizing differences within clusters (Peck, 2005). This approach allows us to
capture the differences in implementation across schools while also identifying common char-
acteristics among schools that have the same type of profile. In other words, cluster analysis
seeks to divide the schools into groups that are as dissimilar as possible, while making sure that
the groups themselves are as internally consistent as possible.”

See Appendix C for additional information on the data used to calculate the implementa-
tion profiles, and Appendix D for a summary of the cluster analysis results.

Methods

In order to determine the average effectiveness of the NYC-CS program, we compared the
outcomes of community schools in the 2015-2016, 2016-2017, and 2017-2018 school years
with the outcomes that we predict would have occurred for those schools in the absence of the
community school designation. These predicted outcomes are based on the predesignation
characteristics of each community school and on the outcomes of a strategically chosen set of
comparison schools, using a difference-in-difference style methodology.

We conducted all of our analyses at the school level, using average student outcomes in
each school either for all students in the school during each year or for a select subgroup of stu-
dents in each year based on socioeconomic characteristics. An alternative method would have
been to conduct our analysis at the student level, using outcome information for each student
and conditioning on the individual student’s pre-NYC-CS outcomes through a difference-in-
difference method or through lagged dependent variables in a regression.

We chose a school-level analysis for two main reasons. First, we contend that the most
important research question is how students in the community schools each year are doing
compared with students in the same schools before those schools became a part of the NYC-
CS. The school-level analysis is best suited to answer this question, whereas a student level
analysis is better able to answer questions about whether outcomes for a given set of students
have improved since those same students entered the community school program.

The second reason for choosing the school-level analysis is that a student-level analysis
is most useful when individual students have an outcome data series that extends from pre-

7 We used a specific type of cluster analysis known as Partitioning Around Medoids (PAM), which is more adept than

traditional #-means clustering at handling categorical and continuous measures, data with missing values, and data with
potential outliers (Kaufman and Rousseeuw, 1990). In PAM, cach cluster is denoted by a representative observation, or a
medoid, which is the most centrally located data point within the cluster.
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program years through the end of the study period. For a studentlevel analysis, it is also
important to have students who are continually exposed to the program throughout its exis-
tence. In our case, our final year of outcome data was four years after program initiation.
Students who entered grade 2 when the NYC-CS began in fall 2015 would have two years of
attendance data prior to program initiation and would still be in the same school in our final
study year. There is no other cohort of students that has two years of preprogram data and
would be expected to be in the same school throughout the four years of program existence (or
three years if we exclude the transition year of 2014-2015). Therefore, we prefer a school-level
analysis to a student-level analysis.

Below, we first discuss the matching approach we used to choose a set of comparison
schools; then, we discuss the difference-in-difference estimator we used to generate the analysis.

Matching

We chose our comparison schools to be similar to the community schools on baseline outcomes
in three outcome dimensions (academic achievement, attendance, and discipline), demographic
makeup, and characteristics that determined treatment (i.e., whether they applied to AIDP
and, if so, the score they received). Finding schools that were similar to the community schools
on all of these factors was difficult for two reasons. First, community schools were selected for
inclusion in the NYC-CS because of their difficulties in reaching student achievement and
attendance goals, which suggests that comparison schools will be systematically higher on
these measures, by design. Second, although there are more than 1,600 schools in NYCDOE,
finding close matches on all of these metrics for any given school was impossible. To solve the
first issue, we complemented the matching approach with a difference-in-difference estima-
tor. To solve the second issue, we used the following strategy to define the set of comparison
schools.

1. Defining the base measures to match on. We started by defining the measures that
we would theoretically like to match on. These measures are:
a. Outcome measures
o Elementary and middle schools: information from the 2011-2012, 2012-2013,
and 2013-2014 school years on the percentage of students who are chronically
absent, the attendance rate, the average English score, the average math score,
and the average number of disciplinary incidents per students.
> High schools: information from the 2011-2012, 2012-2013, and 2013-2014
school years on the percentage of students who are chronically absent, the atten-
dance rate, the graduation rate, the average number of credits that students attain,
and the average number of disciplinary incidents per student.
b. Demographic measures
o All schools: information on the percentage of students in the 2011-2012, 2012—
2013, and 2013-2014 school years who received free or reduced-price lunch, were
classified as English language learners, were diagnosed with a disability, or were
male, black, or Hispanic.
c. AIDP application information
o All schools: information on whether the schools applied for the AIDP program
and, if so, what score they received from the selection committee on their appli-
cation.
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2. Aggregating the base measures. Finding non-community schools that are similar to
community schools on all of the above measures would be impossible. Therefore, we
used a PCA to transform these measures into a smaller number of dimensions. As is
standard practice, we kept the components with an eigenvalue greater than 1, which
corresponded to the eight components for both elementary/middle schools and for
high schools. (The eigenvalue is a measure of how much of the variation in the data is
explained by the associated component.)

3. Matching on the principal components. We finished by matching community schools
to comparison schools on the eight largest principal components estimated above. To be
clear, each component is a weighted average of 35 base measures as categorized above in

Step 1.

Main Analyses
Our estimates of the impact of the NYC-CS program in each year following implementation
uses a weighted difference-in-difference estimator:

2018

Ystzat+ys+ 2 ﬁk];tk—i_gst

k=2015

Y'is any of the many outcome measures we examined, which are listed in Figure 1.1 in
Chapter One, and the observations are weighted by the matching weight estimated above. The
value s indexes the school and # indexes year so Y, is the outcome value for school s in year =
The value @ is the year fixed effects to account for any changes that affect both the commu-
nity schools and the matched comparison schools similarly, and 7, is the school fixed effects
that adjust for differences across schools in the years prior to 2015.8 By using the matched
weights, the effects of the NYC-CS are estimated using only schools that were similar to the
community schools in the three years prior to implementation. The main treatment variable
1, equals 1 if school s is a community school and the year 7 equals 4. Thus, 3,44 is the esti-

S

mated effect of the NYC-CS in 2016, 3, is the estimated effect of the NYC-CS in 2017, and
Boors is the estimated effect of the NYC-CS in 2018. Although we included a dummy for 2015,
we do not present those results because that year was a transition period.

This estimator is implemented using a weighted least squares regression of the outcomes
on school dummies and a treatment dummy in the impact year. We estimated standard errors
after clustering by school to account for the correlation over time in each of the schools” out-
comes and for some comparison schools being matched with more than one community school.

Two additional points merit discussion. First, we also ran analysis that estimated a pooled
effect of the program across post-program years instead of separately estimating effects for each
year. To do so, we ran a regression similar to the one above, but now included only 7,5 (i.c., a
measure of whether the school is a community school and the year is 2015) and 7,4, (i.c., a
measure of whether the school is a community school and the year is 2016, 2017, or 2018). The
coefficient (3,56, is then a measure of the average impact of the NYC-CS over the three years.

8 We do not include other covariates in the equation. The impact of time-invariant school-level covariates are included in

the school fixed effects. Time-varying covariates, such as changing school demographics, could be caused by participation
in NYC-CS, and so would be endogenous. Therefore, our estimated impact of NYC-CS includes any indirect effect of the
initiative on the outcome measure through its impact on these omitted time-varying covariates.
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Second, we had survey data only from 2015 onward. Therefore, when using survey measures,
we omitted 7 ;5 from the regression above, which means that 2015 served as the baseline year
for these analyses.

Analysis of Impact on Subgroups of Students and Schools

Analyses that probe heterogeneity in program impacts by the student characteristics described
above were conducted by using school-level average outcomes that are calculated using the
outcomes of students that had a given characteristic. As an example, consider the subgroup
analyses that estimate the NYC-CS effects on English language learners. For this analysis,
we started by calculating the average outcome in each school and year using outcomes of all
the English language learner students in a specific school in a given school year. Then, we
essentially repeated the main impact analysis as described above to estimate the effect of the
NYC-CS for the subgroup of English language learner students.” We note, however, that we
could only do this for outcomes recorded in administrative data (for which we had student-
level measures) and not for the survey outcomes (for which we only had school-level averages).
For this analysis, we focus on historically underperforming groups: students in poverty, Eng-
lish language learners, students with disabilities, black students and Hispanic students. We also
provide separate estimates for male and female students.

We also estimated whether the effect of NYC-CS is moderated by school-level character-
istics. To do so, we defined mutually exclusive groups of schools based on their characteristics
measured in the 2015 school year. For example, we grouped schools based on how many years
their principals had worked at the schools in the 2015 school year, defining a school as having
a longer-tenured principal if the principal in the 2015 school year had more than the median
experience and as having a recently hired principal if the principal in that school year has less
than the median experience.

We then defined separate treatment variables depending on what subgroup a given com-
munity school belonged to. Consider the subgroup analyses that probed whether the average
effects across 2016 through 2018 school years differ by whether the school had a longer-tenured
or recently hired principal. For this analysis, we defined 7, as equal to 1 if school s is a
community school with a longer-tenured principal in the 2015 school year and year # is the
2016 school year or later. Similarly, 7,5, equals 1 if school s is a community school with a
recently hired principal in the 2015 school year and year # is the 2016 school year or later. We
estimated the treatment effects for the two subgroups (longer-tenured versus recently hired
principal) by running a modified version of the difference-in-difference specification used for
the main analyses such that the model now has multiple treatment indicators for each sub-
group as follows:!

9 Technically, focusing on subgroups of students within each school makes the matching weights no longer valid. For

example, ensuring that on average students in School X had similar test scores to students in School Y in 2014 does not
guarantee that English language learner students in School X had similar test scores as English language learner students in
School Y. Regardless, we continue to use the matching weights in this analysis.

10 An alternative approach allows for the yearly time effects to vary by school grouping (i.e., for schools with a longer-
tenured principal to have different time trends than schools with a recently hired principal), which provide equivalent co-
efficient estimates as if we ran separate regressions for each group of schools. We opted against this for two reasons. First, this
would mean that the time trends for one group of community schools are estimated using some non-community schools that
they were not matched to. Second, we would not be able to use this approach to estimate differential effects for renewal and
non-Renewal Schools, because all Renewal Schools are community schools.
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The coefficient Bures is thus the estimated effect of NYC-CS on schools with a recently
hired principal in the 2015 school year and B, is the estimated effect of NYC-CS on
schools with a longer-tenured principal. In addition to estimating the effect for each subgroup,
we also tested the hypothesis that the effects for each subgroup are identical, i.e., whether

ﬁexp _ ﬁinexp
2016+ — 12016+

In addition, we also estimated subgroup effects in each post-program year by including in the
model treatment indicators for each subgroup and post-program year.

Finally, we estimated whether the way in which schools implemented NYC-CS was cor-
related with the estimated impacts of the initiative. To do so, we conducted the same analysis
as described above, but defined the treatment school groupings based on our implementation
measures.

Analysis of Grade-by-Year Impact
The methods described thus far will provide estimates of the impact of community schools in
each of the three years following implementation: 2016, 2017, and 2018 school years. Changes
in the impact over time can occur both because the program matures and because some stu-
dents have more exposure to the program. The analysis described in this section decomposes
the year-by-year changes in impact into a maturity component and an exposure component.
We did this by taking advantage of the different number of years of exposure experienced by
students in each grade in each year.

This analysis begins by reformulating our main impact estimator to be at the school by
grade-by-year level rather than the school-by-year level:

H 2018
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where g indexes the grades offered by a school. The equation now includes fixed effects for
grade in each year (o) and each grade in each school (7,,). We used gequal to 1 to indicate the
lowest grade offered by the school and g equal to A to indicate the highest grade offered by the
school. We conducted this analysis for middle schools that run from grade 6 through 8 and
high schools that run from grade 9 through 12. This analysis also did not estimate the impact
of exposure for elementary school students because we do not have test scores in the entry grade
(kindergarten) or the immediately following grades (grades 1 and 2). This means that all the
students in elementary school for which we have data are exposed to the program for the same
period, limiting the independent variation needed to identify exposure effects.

We then used the grade-by-year impact estimates to examine whether changes over time
are better explained by program maturity or level of exposure:
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B,=a+0M +6E, +AG, +v,

where M), is the maturity of the program, £y, is the exposure to the program of the students in
grade g at time 4, and G, is the grade level. Maturity is measured as the number of years since
program initiation, with the 2016 school year equal to 1 and the 2018 school year equal to 3.
Exposure is measured as the number of years a grade has been exposed to the program at the
end of each school year. Exposure is equal to 1 for all grades in the 2016 school year, which is
the first year of the program. It is equal to 2 for all grades in the 2017 school year except the
lowest grade in a given school, which just entered the school and for which it takes a value of
1. Likewise, it is equal to 3 for all grades except the lowest two in the 2018 school year. That
is, in the 2018 school year, it is equal to 1 for the lowest grade and two for the second lowest
grade, reflecting their exposure. The equation also includes a variable, Gg, which measures the
grade level relative to the lowest grade in the school. In our middle school analysis for example,
G, is 1 for grade 6, 2 for grade 7, and 3 for grade 8. G, is included to assure that our exposure
variable is truly capturing exposure rather than differential effects by grade. This regression is
run separately for each middle school and high school outcome and is weighted by the inverse
of the standard error of 3. For comparison purposes, we also estimated a restricted regression
that omits the exposure and the grade-level variables, thereby attributing all change over time
to the maturity variable.

There are some limitations to this analysis. For example, we know that many students
change schools between school years that are not terminal grades for their school and during
the school year. We also know that some students enter grade 1 at a school after having been
at a community school in the previous year. This analysis implicitly assumes these types of
transitions do not exist. For parsimony, we also implicitly assume that the effects of maturity,
exposure, and grade level are linear.






CHAPTER FOUR
Results

Matching Results

Before presenting the estimated average impact of the program, we illustrate the results of the
matching analysis. We present the characteristics of both all non-community schools and all
community schools, as well as the subset of non-community schools that were used in the
analysis as comparison schools. This subset was chosen via the matching approach described
in Chapter Three.

Table 4.1 shows these results for elementary and middle schools, and Table 4.2 shows
the results for high schools. In both tables, the first column shows the average for all non-
community schools, the second column shows the average for community schools, and the
third column shows the average for the matched comparison group. Finally, the fourth column
reports the difference between the community school and matched comparison average, and
indicates whether this difference is statistically significant. The demographic characteristics
and outcome measures reported here are all from the 2013-2014 school year, which is the year
before the announcement of the NYC-CS. Thus, any differences should be considered to mea-
sure the baseline differences and cannot be due to the effect of NYC-CS.

The first and second columns in Tables 4.1 and 4.2 clearly show that the community
schools are quite different than non-community schools. The elementary and middle com-
munity schools serve a population that is more likely to be economically disadvantaged, dis-
abled, Hispanic, black, chronically absent, or have a disciplinary incident. The population is
also less likely to be Asian or white, and it has lower on-time progression rates and baseline test
scores. The differences between high school community schools and non-community schools
are similar but less dramatic. Our matching strategy, however, eliminates most of these dif-
ferences. This is seen by comparing the second and third columns or looking directly at the
fourth column.

Of note, the difference in test scores and on-time progression between treatment and
matched comparison schools remains statistically significant after matching. This reflects the
Renewal School selection process for that part of NYC-CS, which used low test scores and grad-
uation rates as criteria for the Renewal School designation and the resulting designation as a
community school. Therefore, it is not possible to find schools with similarly low test scores or
high dropout rates for the matched comparison group. However, in the difference-in-difference
specification we employed, the critical assumption is not that treatment and matched comparison
schools have similar preprogram characteristics but that they have the same preprogram trends.

31
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Table 4.1
Elementary and Middle School Summary Statistics
(1 (2 (3) )
All Non-Community Community Matched Comparison  Difference Between

Variables Schools Schools Group Column 2 and 3
Proportion English 0.140 0.173 0.168 0.00470
language learners

(0.130) (0.111) (0.104) (0.0171)
Proportion in poverty 0.752 0.897 0.903 -0.00630

(0.216) (0.073) (0.075) (0.0119)
Proportion with 0.188 0.246 0.243 0.00234
disability

(0.065) (0.046) (0.048) (0.00712)
Percentage in 0.093 0.164 0.165 -0.00100
temporary housing

(0.082) (0.082) (0.070) (0.0118)
Proportion who are 0.408 0.518 0.525 -0.00645
Hispanic

(0.266) (0.243) (0.226) (0.0368)
Proportion who are 0.293 0.425 0.418 0.00651
black

(0.287) (0.240) (0.221) (0.0360)
Proportion who are 0.134 0.025 0.024 0.000725
Asian

(0.187) (0.047) (0.042) (0.00661)
Proportion who are 0.149 0.023 0.021 0.00215
white

(0.213) (0.044) (0.036) (0.00612)
Proportion who are 0.243 0.402 0.391 0.0103
chronically absent

(0.124) (0.095) (0.082) (0.0139)
Average attendance 0.926 0.893 0.897 —-0.00421
rate

(0.027) (0.022) (0.021) (0.00358)
Average math score -0.040 -0.707 -0.591 —0.116***

(0.514) (0.191) (0.189) (0.0277)
Average ELA score -0.014 -0.622 -0.512 —0.111***

(0.470) (0.171) (0.174) (0.0261)
On-time 0.953 0.939 0.940 —-0.000945
progression

(0.036) (0.035) (0.038) (0.00592)
Proportion of students 0.125% 0.290% 0.201% 0.0890%
with disciplinary
incident (0.375) (0.327) (0.370) (0.0549)
Number of schools 1,060 72 269 341

NOTE: This table reports average outcomes and school demographics in 2014 for all New York City elementary and middle
schools, as well as the subset of community and non-community schools that are included in the analysis. When calculating
the averages for the non-community schools, we used the same matching weights as used in the analysis. The number of
schools on the bottom row do not include the matching weights and reflect the number of unique schools that receive

a non-zero matching weight. Finally, Column 4 shows the difference between Column 2 and Column 3, as well as the
estimated standard error and the statistical significance of the difference. * p <0.10; ** p < 0.05; *** p < 0.01.
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Table 4.2
High School Summary Statistics
M (2 (3) )

Variable Scores All Non-Community Community Matched Comparison Difference Between
Between Schools Schools Group (2) and (3)
Proportion of English 0.144 0.205 0.154 0.0512
language learners

(0.226) (0.183) (0.182) (0.0368)
Proportion 0.776 0.832 0.839 -0.00678
in poverty

(0.141) (0.091) (0.083) (0.0183)
Proportion with 0.158 0.207 0.204 0.00274
disability

(0.078) (0.066) (0.068) (0.0142)
Proportion in 0.069 0.089 0.082 0.00736
temporary housing

(0.056) (0.041) (0.050) (0.00922)
Proportion who are 0.431 0.560 0.544 0.0162
Hispanic

(0.231) (0.238) (0.207) (0.0437)
Proportion who are 0.362 0.357 0.366 -0.00884
black

(0.250) (0.228) (0.211) (0.0423)
Proportion who are 0.109 0.047 0.054 -0.00661
Asian

(0.153) (0.078) (0.077) (0.0179)
Proportion who are 0.085 0.024 0.027 -0.00250
white

(0.127) (0.039) (0.036) (0.00779)
Proportion who are 0.41 0.553 0.527 0.0261
chronically absent

(0.240) (0.144) (0.167) (0.0296)
Average attendance rate 0.845 0.784 0.808 -0.0247

(0.115) (0.095) (0.077) (0.0168)
Proportion who 0.787 0.673 0.720 —-0.0473*
graduated

(0.190) (0.137) (0.141) (0.0266)
Credits per year 11.599 10.462 11.218 —0.756***

(1.976) (1.279) (1.360) (0.273)
Proportion of students 0.337 0.291 0.313 -0.0225
with disciplinary incident

(0.437) (0.218) (0.264) (0.0452)
Number of schools 339 1 130 171

NOTE: This table reports average outcomes and school demographics in 2014 for all the New York City high
schools, as well as the subset of community and non-community schools that are included in the analysis. When
calculating the averages for the non-community schools, we used the same matching weights as used in the
analysis. The number of schools on the bottom row do not include the matching weights and reflect the number
of unique schools that receive a non-zero matching weight. Finally, Column 4 shows the difference between
Column 2 and Column 3, as well as the estimated standard error and the statistical significance of the difference.
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Figures 4.1 and 4.2 suggest that this is the case. Like Tables 4.1 and 4.2, these figures show the
average of four outcomes for all non-community schools, community schools, and the matched
comparison group, but they show how these averages change over time. These figures illustrate
that the community schools were substantially different than the non-community schools, with
worse average outcomes on nearly every measure. Figures 4.1 and 4.2 also suggest that the differ-
ences between the community schools and non-community schools seemed to be generally stable
before the policy started, a finding that can support the difference-in-difference specification.
This point can be seen more clearly in Figures 4.3 and 4.4 and is discussed in more detail in the
following section. These two figures explicitly show the difference between community and non-
community schools. Lines that are fairly horizontal and near zero prior to the start of community
schools in 2014-2015 indicate that the preinitiative trends were similar for the two groups. The
relative stability of the differences between the community schools and non-community schools
in the period from the 2010 school year to the 2014 school year, along with the improvement
of the community schools relative to the non-community schools in the period from the 2016
school year to the 2018 school year when NYC-CS was implemented, provide suggestive evi-
dence that NYC-CS had a positive effect on these outcomes.

The next section illustrates these trends more clearly and provides specific estimates of the
impact of NYC-CS on a variety of school outcomes.

School-Level Average Impact

Next, we turn our attention to the estimated school-level impacts of the NYC-CS. These esti-
mates are calculated using the methods and measures discussed in Chapter Three. In short, we
estimated whether the outcomes of the community schools improved relative to the matched
comparison group of schools. The results are illustrated in Figures 4.3 and 4.4; Figure 4.3 shows
the results for elementary and middle schools, and Figure 4.4 shows the results for high schools.
These graphs show how the community schools’ performance compares with that of the matched
comparison group relative to that difference in 2014. As is shown by the values that are mostly
near zero prior to 2014, the differences between the community schools and the matched com-
parison schools were mostly stable between 2010 and 2014, with the one exception being that the
average test scores in elementary and middle community schools seem to be improving slightly
relative to the matched comparison schools. Although these differences were mostly stable before
2014, community schools improved after 2014 relative to the matched comparison schools on
nearly all of the measures. This suggests that the NYC-CS had positive impacts on a variety of
school-level outcomes for elementary, middle, and high schools.

Average Effect of NYC-CS on Student Outcomes

Tables 4.3 and 4.4 report the estimated impacts for elementary/middle schools and high schools,
respectively. There are two main modifications between these estimates and the results shown
in Figures 4.1 and 4.2. Most importantly, Tables 4.3 and 4.4 include additional outcomes. As
described in Chapter Two, these outcomes come from the NYCSS and are only available from
2015 onward. For these outcomes, we therefore measured how community schools compare
with the matched comparison schools relative to the observed difference in 2015. To the extent
that the 2015 survey results already partially reflected a positive effect of NYC-CS, the results
we present in Tables 4.3 and 4.4 would underestimate the actual effect of NYC-CS. The



Results 35

Figure 4.1
Average Outcomes of Non-Community Schools, Community Schools, and Matched Comparison
Schools over Time: Elementary and Middle Schools
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NOTE: Dashed vertical lines indicate that 2014-2015 is considered a transition year. Vertical scale for “Chronically
absent” and “On-time progression” is the proportion of students in those categories, averaged over schools. The
vertical scale for “Average test score” is standardized test score, averaged over schools. The vertical scale for
“Disciplinary incidents per student” is the number of incidents, averaged over schools.

second modification between the results in Tables 4.3 and 4.4 and those shown in Figures 4.1
and 4.2 is that, whenever possible, we measured how community schools compared with the
matched comparison schools relative to the average difference in the entire pre-period (i.e.,
2010-2014) rather than relative to a single year (i.e., 2014); we did this to improve the statisti-
cal precision of the estimates.

To assist with interpretation of the tables, we consider the first column of Table 4.3, which
provides estimates of the impact on chronic absenteeism in elementary and middle schools. As
indicated toward the bottom of the table, these estimates are based on a comparison with the
average of the outcome across the five years from 2010 to 2014 during the baseline period. The
top estimate shows that NYC-CS had an impact of —0.0545 in 2016, which was statistically
significant at the p < 0.01 level. Referring back to Table 4.1, we see that the average fraction of
community school students that were chronically absent in elementary and middle schools in
2014 was 0.401 or 40.1 percent. The impact of NYC-CS would have reduced this average by
5.45 percentage points to 0.346 or 34.6 percent. As a point of comparison, the chronic absen-
teeism rate in non-community schools was 24.3 percent in 2014, which is nearly 16 percentage
points lower than that for community schools. That means that NYC-CS eliminated almost
one-third of the difference in the chronic absenteeism rate between community and non-
community schools in its first year. In 2017 and 2018, the impact was even larger, eliminating
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Figure 4.2
Average Outcomes of Non-Community Schools, Community Schools, and Matched Comparison

Schools over Time: High Schools
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NOTE: Dashed vertical lines indicate that 2014-2015 is considered a transition year. Vertical scale for “Chronically
absent” and “Graduated” is the proportion of students in those categories, averaged over schools. The vertical
scale for “Credits accumulated” is the number of credits earned per year, averaged over schools. The vertical scale
for “Disciplinary incidents per student” is the number of incidents, averaged over schools.

about half of the absenteeism gap between community and non-community schools in 2014.
The average effect shown in the fourth row in Table 4.3 shows that in 2016, 2017, and 2018,
NYC-CS reduced chronic absenteeism by 7.3 percentage points. The other impact estimates in
Tables 4.3 and 4.4 can be interpreted in similar fashion by referring to the appropriate statistics
in Tables 4.1 and 4.2.

Tables 4.3 and 4.4 paint a promising picture, suggesting that the NYC-CS had positive
effects on most of the examined measures with some notable exceptions. In particular, we
found that the NYC-CS had a positive impact on student attendance in elementary, middle,
and high schools and across all three years that outcomes were measured. We also found
positive and significant impacts on elementary and middle students’ on-time grade progres-
sion in the two years for which we have data and on high school students’ graduation rates in
two of the three years. In addition, the results suggest that the NYC-CS also increased math
test scores of elementary and middle school students in 2018, reduced disciplinary incidents
for elementary and middle school students, increased the number of credits that high school
students obtained, and had positive effects on perceived teacher responsibility in elementary
and middle schools in 2017 and 2018. It is important to note that impacts for some outcomes
were close to zero and not statistically significant, including ELA test scores of elementary and
middle students in any of the three years we examined and math test scores in the first two
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Figure 4.3
Difference Between Community Schools and Matched Comparison Schools: Elementary and Middle
Schools
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normalized so that the difference in 2014 is equal to zero. Dashed vertical lines indicate that 2014-2015 is
considered a transition year. Solid bars represent 95-percent confidence intervals. The vertical scale for
“Chronically absent” and “On-time progression” is the proportion of students in those categories, averaged over
schools. The vertical scale for “Average test score” is standardized test score, averaged over schools. The vertical
scale for “Disciplinary incidents per student” is the number of incidents, averaged over schools.

years; student connectedness to adults and family empowerment opportunities for all schools;
and the number disciplinary incidences and perceived teacher responsibility in high schools.

Tables 4.3 and 4.4 also suggest that the impact of NYC-CS grew over time for some of
the outcomes, a result that is most apparent at elementary and middle schools. Although a
large part of the reduction in chronic absenteeism occurred immediately, the improvements
in average math test scores generally took one or two years to appear. An interesting ques-
tion is whether that is because of the increase in how much students themselves are exposed
to the NYC-CS program or whether it is because the schools get better at implementing the
NYC-CS over time. We explored this possibility by conducting grade-by-year analysis, which
is described in this chapter’s “Grade by Year Analysis Results” section.

Finally, it is worth noting that the effects in Tables 4.3 and 4.4 are robust to a number
of sensitivity checks that we conducted. First, we estimated the difference-in-difference speci-
fication that control for school-specific linear trends (in lieu of year fixed effects) in the pre-
NYC-CS period and find nearly identical results. We also conducted these analyses using
all non-community schools as the comparison group, therefore implementing a traditional
difference-in-difference design, and found similar results. Finally, we estimated the effects using
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Figure 4.4
Difference Between Community Schools and Matched Comparison Schools: High Schools
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The vertical scale for “Credits accumulated” is the number of credits earned per year, averaged over schools. The
vertical scale for “Disciplinary incidents per student” is the number of students, averaged over schools.

an approach different from the difference-in-difference specification discussed in Chapter Three.
In this analysis, we used stronger threshold for the matching process, which increased the similar-
ity of the community schools and the matched comparison schools in their baseline outcomes at
the cost of the exclusion from the analytic sample of some of the community schools that had the
lowest baseline performances. We then used a doubly robust estimation approach that compared
the outcomes of the community schools in the post-program years (2016 through 2018) with
their matched comparison schools while controlling for schools” baseline characteristics. Again,
this approach yielded similar results to those reported in Tables 4.3 and 4.4. Results from all of
these sensitivity analyses are available upon request.

Changes in School Demand and Composition

One potential reason for the positive impacts that are highlighted in the previous section is
that the demographic makeup of the community schools might have changed during this time
period, either because the NYC-CS made these schools more attractive to students and par-
ents or due to unrelated reasons. In this section, we examine whether the NYC-CS affected



Table 4.3

Average Impact of NYC-CS on Elementary and Middle Schools

(1 (2) (3) (4) (5) (6) (7) (8)
Proportion Proportion Number of Student Family
Chronically On-Time Average Math Average ELA Disciplinary Teacher Connectedness to Empowerment
Absent Progression Test Scores Test Scores Incidents Responsibility Adults Opportunities
Estimated effect of 2016 —0.0545%** 0.0123** 0.0345 -0.00225 —-0.0707** 1.806 -0.220 -0.893
community school
program (0.0108) (0.00596) (0.0288) (0.0281) (0.0356) (1.695) (1.358) (0.900)
2017 —-0.0804*** 0.0110** 0.0364 -0.0166 —0.119%** 7.370%** 2.164* 0.0901
(0.0110) (0.00479) (0.0374) (0.0359) (0.0407) (2.271) (1.259) (0.888)
2018 -0.0870*** N/A 0.131%** 0.0539 —0.111%** 9.274%** 1.319 0.503
(0.0120) N/A (0.0385) (0.0396) (0.0394) (2.735) (1.611) (0.807)
Average -0.0734*** 0.0117** 0.0657** 0.0108 —-0.0995*** 5.976%** 1.036 -0.132
effect
(0.0101) (0.00477) (0.0316) (0.0314) (0.0349) (1.809) (1.134) (0.747)
Base year 2010-2014 2010-2014 2010-2014 2010-2014 2010-2014 2015 2015 2015
Schools included Elementary Elementary Elementary  Elementary  Elementary Elementary Elementary Elementary
and middle and middle and middle and middle and middle and middle and middle and middle
Number of clusters 341 341 341 341 341 341 167 341
(i.e., schools)
Number of school-year 2,994 2,667 2,970 2,970 2,673 1,339 647 1,342

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification. Administrative outcomes include data from the 2010 school year
to the 2018 school year; survey outcomes include data from the 2015 school year to the 2018 school year. Math and ELA test scores are measured in student standard
deviation units, and the number of disciplinary incidents is measured per student per year. * p < 0.10; ** p < 0.05; *** p < 0.01.
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Table 4.4
Average Impact of NYC-CS on High Schools
U] (2 (3) ) (5) (6) (7)
Proportion Proportion Number of Student Family
Chronically Chronically Proportion Credits Disciplinary Teacher Connectedness to Empowerment
Absent Absent Graduated Accumulated Incidents Responsibility Adults Opportunities
Estimated effect 2016 —-0.0606*** 0.0468** 1.265%** 0.00944 -0.253 0.0713 1.619
of community
school program (0.0177) (0.0258) (0.253) (0.0483) (1.985) (1.071) (1.317)
2017 —0.0940%** 0.0278 1.206*** -0.0253 0.958 1.083 1.463
(0.0216) (0.0189) (0.312) (0.0584) (2.501) (1.176) (1.331)
2018 —0.0952*** 0.0724** 1.346*** 0.00439 -0.0279 0.673 1.246
(0.0245) (0.0289) (0.304) (0.0670) (2.402) (1.282) (1.245)
Average —0.0828*** 0.0487*** 1.271%** -0.00377 0.225 0.601 1.451
Effect
(0.0191) (0.0239) (0.269) (0.0464) (1.915) (1.035) (1.110)
Base year(s) 2010-2014 2010-2014 2010-2014 2010-2014 2015 2015 2015
Schools included High schools High schools High schools High schools High schools High schools High schools
Number of clusters 171 171 171 171 171 171 171
(i.e., schools)
Number of school-year 1,492 1,464 1,511 1,353 671 667 661

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification. Administrative outcomes include data from the 2010 school year

to the 2018 school year; survey outcomes include data from the 2015 school year to the 2018 school year. Credits accumulated are measured as credits per student per

year, and the number of disciplinary incidents is measured per student per year. * p < 0.10; ** p < 0.05; *** p < 0.01
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the demand for community schools and whether the demographic makeup of the community
schools changed relative to their matched comparison schools.

The results of this analysis are shown in Table 4.5 for elementary and middle schools and
Table 4.6 for high schools. The results suggest that the NYC-CS had mixed impact on demand,
if any. The first column in the two tables shows there was an increase in the fraction of students
who listed a community school as their first choice in the NYC school choice program relative to
the matched comparison group, although this is only statistically significant for one school year
and only for high schools. The second and third columns show that the NYC-CS had little effect
on the degree to which students voluntarily left before the terminal grade or entered the schools
after the opening grade, with the only statistically significant estimates suggesting NYC-CS
reduced late entry. Therefore, we conclude that the impact findings presented in the previous
section are not related to an increased number of students enrolling and staying in these schools.

The remaining columns in Tables 4.5 and 4.6 report the demographic changes that occurred
in the community schools relative to the matched comparison schools. Overall, there were no
consistent patterns of change in student demographics in community schools compared with
non-community schools. However, there were some changes that are worth noting. The fourth
column shows that there was a relative increase in the proportion of students who were classified
as English language learners in the community schools at all grade levels in 2016 and 2017. The
fifth column in Table 4.5 shows that there was also a relative increase in the fraction of students
who were in poverty at the elementary and middle community schools in 2016 and 2018. The
other statistically significant changes include that the community high schools saw a relative
increase in the proportion of their students who were Asian in all three years and a slight decrease
in the proportion of their students who had a disability in 2018. This lack of substantial demo-
graphic change in the community schools suggests that the estimated community school effects
in the previous sections are due to an impact of the program on enrolled students rather than
changes in the backgrounds of students who attend the community schools.

Effect on Student Subgroups and School Heterogeneous Effects

The previous section focused on estimating the average effect of the NYC-CS; here, we inves-
tigate the effect of the program on particularly relevant student subgroups and whether school
characteristics are related to the overall effectiveness of the program.

Effect on Student Subgroups

The results of this analysis are shown in Tables 4.7 and 4.8 for elementary/middle and high
school, respectively. We provide estimates for groups that historically underperform on edu-
cational benchmarks: students in poverty, students in temporary housing, English language
learners, students with disabilities, black students, and Hispanic students. We also provide
separate estimates for male and female students. In elementary and middle schools, the impact
estimates on the proportion of those chronically absent, the average math score, and the number
of disciplinary incidents are all statistically significant at the 5-percent level for all subgroups,
with three exceptions. The impact on the average math score is only marginally significant (at
the p < 0.10 level) for black students, the average math score is not significant for students in
temporary housing, and the impact on the number of disciplinary incidents is not significant
for English language learners. The impact on percent on-time progression is statistically sig-



-II\-IT:aIit?r:gs of Elementary and Middle School Demand and Demographics
M (2) (3) 4) (5) (6) (7) 8 9) (10)
Fraction Who Proportion Proportion Who Proportion
Listed as Who Left Entered School Proportion Proportion with Proportion Proportion Proportion Proportion
First Choice School Early Late ELL in Poverty Disability White Asian Black Hispanic
Estimated 2016 0.00243 0.00322 -0.00884 0.0209***  0.0252*** 0.0150* 0.000244 -0.00193 -0.00756 0.0115
sg]:gfrfity (0.0411) (0.00575) (0.00641) (0.00692) (0.00964) (0.00812) (0.00257) (0.00247) (0.00793) (0.00743)
e
2017 0.0404 -0.00182 -0.0112 0.0178** 0.0119 0.00597 -0.00242 -0.00220 -0.00343 0.0112
(0.0524) (0.00504) (0.00771) (0.00759) (0.0109) (0.00806) (0.00369) (0.00282) (0.00918) (0.00826)
2018 0.0566 N/A -0.0130* 0.00842 0.0319** -0.0113 -0.00705 -0.00421 -0.00369 0.0177*
(0.0650) N/A (0.00724) (0.00903) (0.0125) (0.00949) (0.00485) (0.00260) (0.0104) (0.0104)
Average  0.000779 0.000779 -0.0109* 0.0160** 0.0229** 0.00384 -0.00290 -0.00273 -0.00499 0.0133*
effect (0.00469) (0.00469) (0.00556) (0.00717) (0.00936) (0.00767) (0.00341) (0.00232) (0.00821) (0.00770)
Base year 2013-2014 2010-2014 2010-2014 2010-2014 2010-2014 2010-2014 2010-2014 2010-2014 2010-2014 2010-2014
Schools included Middle Elementary Elementary Elementary Elementary Elementary Elementary Elementary Elementary Elementary
and middle and middle and middle and middle and middle and middle and middle and middle and middle
Number of clusters 340 340 338 340 340 340 340 340 340 340
(i.e., schools)
Number of 2,550 2,550 2,542 2,929 2,929 2,929 2,929 2,929 2,929 2,929
school-year

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification. * p < 0.10; ** p < 0.05; *** p < 0.01. ELL = English language learner.
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Table 4.6
Measures of High School Demand and Demographics

(U] (2) (3 ) (5) (6) 7) (8) 9) (10)
Fraction Who  Proportion Proportion Proportion
Listed as Who Left Who Entered Proportion Proportion with Proportion Proportion Proportion Proportion
First Choice  School Early  School Late ELL in Poverty Disability White Asian Black Hispanic
Estimated 2016 0.0319 0.000437 -0.0151%** 0.0173** -0.00698 -0.000216 0.00109 0.00981**  -0.00553  -0.00211
S::ﬁ;cfr:ity (0.0333) (0.00834) (0.00490) (0.00835) (0.0133) (0.00745) (0.00277) (0.00399) (0.00956)  (0.00965)
e
2017 0.0769*** -0.00276 -0.00521 0.0241** -0.00277 -0.0151 0.00253 0.0139***  -0.00780 -0.00579
(0.0296) (0.00766) (0.00664) (0.0108) (0.0138) (0.00927) (0.00326) (0.00498) (0.0120) (0.0123)
2018 0.0507 N/A 0.00944 0.0216 -0.00364 -0.0238** 0.00373 0.0163*** -0.0142 -0.00568
(0.0555) N/A (0.00938) (0.0132) (0.0133) (0.0114) (0.00337) (0.00552) (0.0117) (0.0120)
Average 0.0528 -0.00417 -0.00670 0.0209** -0.00451 -0.0127 0.00241 0.0132***  -0.00906 —-0.00448
effect (0.0332) (0.00557) (0.0211) (0.0101) (0.0114) (0.00875) (0.00289) (0.00461) (0.0106) (0.0109)
Base year 2012-2014 2010-2014 2010-2014  2010-2014 2010-2014 2010-2014  2010-2014  2010-2014 2010-2014 2010-2014
Schools included High High High High High High High High High High
schools schools schools schools schools schools schools schools schools schools
Number of clusters 203 231 205 231 231 231 231 231 231 231
(i.e., schools)
Number of school-year 1,169 1,688 1,514 1,945 1,945 1,945 1,945 1,945 1,945 1,945

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification. * p < 0.10; ** p < 0.05; *** p < 0.01. ELL = English language learner.
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Table 4.7
Estimates of NYC-CS on Student Subgroups in Elementary and Middle Schools
1 (2 (3) 4 (5)
Proportion Percentage Number of
Chronically On-Time Average Math Average ELA  Disciplinary
Absent Progression Score Score Incidents
Estimated In poverty —-0.0750*** 0.0112** 0.0643** 0.0175 —0.105***
effect of
community (0.0104) (0.00530) (0.0316) (0.0308) (0.0364)
school
program
In temporary —0.0419*** 0.0101 0.0550 0.0507 —-0.123**
housing
(0.0141) (0.00857) (0.0356) (0.0353) (0.0539)
English —-0.0676*** 0.00578 0.104*** 0.0654* -0.0342
language
learners (0.0133) (0.00894) (0.0366) (0.0366) (0.0261)
With —-0.0758*** -0.00281 0.0999*** 0.0439 —-0.159**
disability
(0.0120) (0.00592) (0.0296) (0.0326) (0.0634)
Male —0.0753*** 0.00787 0.0685** 0.0104 —-0.115**
(0.0101) (0.00528) (0.0330) (0.0321) (0.0458)
Female —-0.0716*** 0.0158*** 0.0754** 0.0262 —0.0850***
(0.0122) (0.00495) (0.0301) (0.0309) (0.0272)
Black —0.0628*** 0.0165*** 0.0625* 0.0318 —0.147%**
(0.0140) (0.00626) (0.0326) (0.0351) (0.0538)
Hispanic —0.0773*** 0.00503 0.0640** 0.00405 -0.0679**
(0.0109) (0.00471) (0.0294) (0.0295) (0.0297)
Base year 2010-2014 2010-2014 2010-2014 2010-2014 2010-2014
Schools included Elementary Elementary Elementary Elementary Elementary
and middle and middle and middle and middle and middle

NOTES: This table shows the results of multiple difference-in-difference regressions, which estimate the effect
of NYC-CS on a number of student subgroups. The reported coefficients are the average effect of NYC-CS from
the 2016 school year to the 2018 school year. Each coefficient comes from a different regression. * p < 0.10;

**p <0.05*** p <0.01.
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Table 4.8
Estimates of NYC-CS on Student Subgroups in High Schools
1 (2) (3 @
Proportion Proportion Credits Number of
Chronically Absent Graduated Accumulated Disciplinary Incidents
Estimated effect In poverty —-0.0778*** 0.0463** 1.305%** -0.00630
of community
school program (0.0201) (0.0223) (0.263) (0.0479)
In temporary —0.0925*** 0.0118 1.365%** 0.00698
housing
(0.0250) (0.0420) (0.344) (0.0684)
English -0.0493** 0.0641 1.407%** 0.0340
language
learners (0.0205) (0.0593) (0.304) (0.0461)
With —-0.0778*** 0.0463** 1.305%** -0.00630
disability
(0.0201) (0.0223) (0.263) (0.0479)
Male -0.0884*** 0.0495* 1.265%** 0.0177
(0.0200) (0.0279) (0.294) (0.0576)
Female -0.0776*** 0.0482* 1.251%** -0.0325
(0.0216) (0.0244) (0.268) (0.0348)
Black —0.101*** 0.0385* 1.178%** -0.0490
(0.0259) (0.0230) (0.301) (0.0705)
Hispanic —0.0735%** 0.0608** 1.418*** 0.0320
(0.0207) (0.0293) (0.277) (0.0432)
Base year 2010-2014 2010-2014 2010-2014 2010-2014
Schools included High schools High schools High schools High schools

NOTES: This table shows the results of multiple difference-in-difference regressions, which estimate the effect of
NYC-CS on a number of student subgroups. The reported coefficients are the average effect of NYC-CS from the
2016 school year to the 2018 school year. Each coefficient comes from a different regression. * p < 0.10;

** p < 0.05; *** p < 0.01.
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nificant (at the p < 0.05 level) for four of the eight groups: students in poverty, students in tem-
porary housing, females, and black students. Interestingly, English language learner students
are the only subgroup that saw marginally significant impacts (at the p < 0.10 level) on their
English scores. In high schools, the estimated impacts on the proportion chronically absent
and credits accumulated were significant at the p < 0.05 level for all subgroups. The impact
on the proportion graduated was significant at the p < 0.05 level for three subgroups (students
in poverty, students with disabilities, and Hispanic students) and marginally significant at the
2 < 0.10 level for three subgroups (male, female, and black students) for all subgroups, except
for students in temporary housing and English language learners. The impact on the number
of disciplinary incidents is not significant for any of the subgroups.

Evidence of School-Level Heterogeneity
The results of our analysis of impact heterogeneity based on school characteristics are shown in
Tables 4.9 and 4.10. The differential impact between any two groups tested can be found by
subtracting the estimate for one group from the estimate for the other. For example, in the first
column of Table 4.9, we see that among elementary and middle schools, the impact on chronic
absenteeism is —0.0666 for highly zoned schools, —0.0646 for lightly zoned schools, and —0.0798
for unzoned schools. Therefore, the differential impact between highly zoned and unzoned
schools is 0.0132. A test of the null hypothesis that the three coefficients are identical yields a
p-value of 0.541, suggesting that the impact of NYC-CS is similar across the three groups.
Overall, we found limited evidence of treatment effect heterogeneity based on school char-
acteristics. Interestingly, there is some evidence that the NYC-CS was more effective in improv-
ing levels of credit accumulation at high schools with recently hired principals, which could be
evidence that the strategy is even more helpful for these principals than for longer-tenured prin-
cipals or could be because NYC-CS had more buy-in from recently hired principals. There also
was some evidence that community schools that were also Renewal Schools were more successful
at reducing chronic absenteeism, increasing on-time grade progression (among elementary and
middle schools) and increasing graduation rates and credit accumulation (among high schools).
In other words, while all community schools were seeing positive effects on these three outcomes,
community schools that were also Renewal Schools were seeing the strongest impact. The find-
ings of differential impact based on Renewal School status mostly align with recent work esti-
mating the short-term impact of that program (Opper et al., 2019), in which we also found that
Renewal Schools had improvements in attendance and reductions in chronic absenteeism, along
with higher amounts of credits earned at high schools, but no significant impact on ELA test
scores at elementary/middle schools or on discipline at any level. One notable difference between
the previous and current findings is that the effect of Renewal Schools on math scores was not
statistically significant in the former report, but it is in this report.!

Program Implementation Was Not Related to Differential Impacts

As described in Chapter Three and Appendix B, we classified schools into different groups
based on their development along the program’s four core capacities (coordination, collabora-
tion, connection, and continuous improvement) and the nature of their implementation of
mental health programs and services. To account for concerns regarding sample size due to the

1" The findings reported in Opper et al. (2019) are based on one less year of follow-up data and use a regression disconti-

nuity design rather than the matching design used here, which may account for this difference.
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disaggregation of schools into several subgroups, we conducted these heterogeneity analyses on
all schools, instead of conducting separate analyses for elementary/middle and high schools.
First, as shown across the first four panels of Table 4.11, we found that although many impact
estimates were slightly larger for schools with higher values on the core capacity index scores,
there was only one case where higher capacity scores were statistically significantly associ-
ated with larger program impact—Dbecause schools with above-median collaboration levels had
stronger impact on student connectedness to adults.

Second, we classified schools as fitting into one of two implementation profiles with respect
to mental health program implementation (higher and lower; see Appendixes B and C for more
details about these profiles). We investigated whether the impacts of NYC-CS differed depend-
ing on which of the two implementation profiles the schools followed. To do so, we used the
same approach outlined in Chapter Three, but we now defined two treatment indicators (one for
each profile). The first consisted of NYC-CS schools with the first implementation profile that
tended to have higher levels of mental health program implementation, and the second consisted
of NYC-CS with the second implementation profile that had lower levels of program implemen-
tation. We estimated two treatment effects, one for each implementation profile, and also tested
whether these two estimated effects were statistically distinguishable or not.

As shown in the last panel of Table 4.11, we found that schools in the higher mental
health implementation cluster were more effective at reducing chronic absenteeism than those
in the low implementation cluster. Otherwise, we did not reject the hypothesis that the esti-
mated effects were the same regardless of the level of mental health implementation.

Grade-by-Year Analysis Results

Table 4.12 presents our estimates for the impact of exposure and maturity for middle school
outcomes. Each set of rows is from a different regression, as is each column. For the chronically
absent outcome in the first column, the first row indicates that the average impact across the
three post-program years is negative and significant. The maturity coefficient in the second
regression (0.019) indicates that when we do not distinguish between program maturity and
student exposure, the impact increases (i.e., becomes more negative) with program maturity.
The third regression indicates that when we control for cohort exposure, we still find that the
increased impact over time is due to increased program maturity rather than increased cohort
exposure. In other words, the longer a school participates in the NYC-CS, the lower its level
of chronic absenteeism, even among students who are new to the school and have not had as
much exposure to the program. The remaining middle school outcomes do not show any sta-
tistically significant change in the outcome over time.

Table 4.13 shows similar information for high school outcomes. As with middle schools,
the impact on chronic absenteeism increases over time. Although the maturity coefficient in
the third regression is not significant at a 5-percent level, it is marginally significant at the
10-percent level, and it is approximately the same size as when we do not include the exposure
variable. The findings for on-time progression are similar to that for chronic absenteeism—the
impact increases over time, and including exposure reduces the significance of maturity but



Table 4.9a
Effect Heterogeneity in Elementary and Middle Schools: Differences by School Zoning
M (2 (3) 4) (5) (6) (7) (8)
Proportion Number of Student Family
Chronically  Proportion On- Average Math Average ELA Test  Disciplinary Teacher Connectedness to Empowerment

Absent Time Progression Test Scores Scores Incidents Responsibility Adults Opportunities
Lowly zoned -0.0646*** 0.00889 0.00359 0.00352 -0.0412 9.645%** 1.557 -0.659
schools

(0.0131) (0.00600) (0.0408) (0.0479) (0.0407) (2.491) (1.254) (1.037)
Highly zoned —-0.0666*** 0.00263 0.0355 -0.0385 -0.0309 6.239** -2.698 -1.564
schools

(0.0179) (0.00879) (0.0426) (0.0360) (0.0440) (3.122) (2.455) (1.115)
Unzoned schools ~ —0.0798*** 0.0160*** 0.105%** 0.0311 —0.150%** 4.230** 1.530 0.580

(0.0123) (0.00545) (0.0358) (0.0396) (0.0423) (2.065) (1.248) (0.864)
P-value on test of 0.541 0.247 0.0298 0.261 0.0157 0.1 0.205 0.147
equality of above
coefficients
Base year 2010-2014 2010-2014 2010-2014 2010-2014 2010-2014 2015 2015 2015
Schools Elementary Elementary Elementary Elementary Elementary Elementary Elementary Elementary
included and middle and middle and middle and middle and middle and middle and middle and middle
Number of 341 341 341 341 341 341 167 341
clusters (i.e.,
schools)
Number of 2,994 2,667 2,970 2,970 2,673 1,339 647 1,342
school-year

observations

NOTES: Zoned schools are sorted by what fraction of their students in the 2015 school year lived in the zone; those in the top half of the distribution (e.g., with more

students living in the zone) are considered highly zoned schools and those in the bottom half are considered lightly zoned schools. * p < 0.10; ** p < 0.05; *** p < 0.01.
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Table 4.9b

Effect Heterogeneity in Elementary and Middle Schools: Differences by Principal Tenure

M (2 (3) 4) (5) (6) (7) (8)
Proportion Number of Student Family
Chronically  Proportion On- Average Math Average ELA Test  Disciplinary Teacher Connectedness to Empowerment

Absent Time Progression Test Scores Scores Incidents Responsibility Adults Opportunities
Recently hired —0.0834*** 0.0136** 0.0891** 0.0214 —-0.109** 6.025%** 1.345 -0.0746
principal

(0.0109) (0.00560) (0.0346) (0.0376) (0.0426) (1.978) (1.206) (0.876)
Longer-tenured —0.0568*** 0.00920* 0.0267 -0.00788 —-0.0886*** 6.027** 0.183 -0.393
principal

(0.0143) (0.00540) (0.0377) (0.0376) (0.0338) (2.472) (1.594) (0.832)
P-value on test 0.0656 0.444 0.0775 0.491 0.580 0.999 0.450 0.718
of equality of
above coefficients
Base year 2010-2014 2010-2014 2010-2014 2010-2014 2010-2014 2015 2015 2015
Schools Elementary Elementary Elementary Elementary Elementary Elementary Elementary Elementary
included and middle and middle and middle and middle and middle and middle and middle and middle
Number of 338 338 338 338 338 338 165 338
clusters (i.e.,
schools)
Number of 2,967 2,643 2,948 2,948 2,649 1,328 639 1,330
school-year

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification. Administrative outcomes include data from the 2010 school year

to the 2018 school year; survey outcomes include data from the 2015 school year to the 2018 school year. Math and ELA test scores are measured in student standard
deviation units, and the number of disciplinary incidents is measured per student per year. Schools are sorted by how experienced their principal is in the 2015 school
year; those with principals in the top half of the distribution are considered longer-tenured principal schools and those in the bottom half are considered recently hired

principal schools. * p < 0.10 ;** p < 0.05; *** p < 0.01.
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Table 4.9c
Effect Heterogeneity in Elementary and Middle Schools: Differences by School Size
1 (2 (3) @) (5) (6) (7) (8)
Proportion Number of Student Family
Chronically  Proportion On- Average Math Average ELA Test  Disciplinary Teacher Connectedness to Empowerment
Absent Time Progression Test Scores Scores Incidents Responsibility Adults Opportunities
Small schools —0.0752%** 0.0135*%** 0.0703** 0.0121 —0.116*** 5.832%** 1.118 -0.0905
(0.0107) (0.00512) (0.0342) (0.0356) (0.0381) (1.946) (1.205) (0.819)
Large schools —-0.0675*** 0.00534 0.0506 0.00642 -0.0450 6.462** 0.736 -0.273
(0.0170) (0.00642) (0.0356) (0.0341) (0.0390) (2.556) (1.608) (0.863)
P-value on test 0.652 0.195 0.547 0.880 0.0618 0.804 0.806 0.831
of equality of
above
coefficients
Base year 2010-2014 2010-2014 2010-2014 2010-2014 2010-2014 2015 2015 2015
Schools Elementary Elementary Elementary Elementary Elementary Elementary Elementary Elementary
included and middle and middle and middle and middle and middle and middle and middle and middle
Number of 341 341 341 341 341 341 167 341
clusters (i.e.,
schools)
Number of 2,994 2,667 2,970 2,970 2,673 1,339 647 1,342
school-year

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification. Administrative outcomes include data from the 2010 school year
to the 2018 school year; survey outcomes include data from the 2015 school year to the 2018 school year. Math and ELA test scores are measured in student standard
deviation units, and the number of disciplinary incidents is measured per student per year. Schools are sorted by their number of students in the 2015 school year;
those in the top half of the distribution are considered large schools and those in the bottom half are considered small schools. * p < 0.10; ** p < 0.05; *** p < 0.01.
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Table 4.9d

Effect Heterogeneity in Elementary and Middle Schools: Differences by Renewal School Status

1 (2 (3) @) (5) (6) (7) (8)
Proportion Number of Student Family
Chronically  Proportion On- Average Math Average ELA Test  Disciplinary Teacher Connectedness to Empowerment
Absent Time Progression Test Scores Scores Incidents Responsibility Adults Opportunities
Non-Renewal —-0.0370** -0.00243 0.0269 0.0388 -0.0934 3.299 -0.743 0.572
School
(0.0144) (0.00766) (0.0373) (0.0505) (0.0653) (2.316) (1.545) (0.950)
Renewal School —-0.0830*** 0.0153*** 0.0760** 0.00358 —0.101%** 6.684%** 1.352 -0.319
(0.0106) (0.00489) (0.0336) (0.0336) (0.0354) (1.951) (1.186) (0.804)
P-value on test 0.00154 0.0173 0.151 0.495 0.900 0.145 0.159 0.339
of equality of
above
coefficients
Base year 2010-2014 2010-2014 2010-2014 2010-2014 2010-2014 2015 2015 2015
Schools Elementary Elementary Elementary Elementary Elementary Elementary Elementary Elementary
included and middle and middle and middle and middle and middle and middle and middle and middle
Number of 341 341 341 341 341 341 167 341
clusters (i.e.,
schools)
Number of 2,994 2,667 2,970 2,970 2,673 1,339 647 1,342
school-year

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification. Administrative outcomes include data from the 2010 school year
to the 2018 school year; survey outcomes include data from the 2015 school year to the 2018 school year. Math and ELA test scores are measured in student standard

deviation units, and the number of disciplinary incidents is measured per student per year. * p < 0.10; ** p < 0.05; *** p < 0.01.
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Table 4.10a
Effect Heterogeneity in High Schools: Differences by School Zoning
1 (2) (3) 4) (5) (6) (7)
Proportion Number of
Chronically Proportion Credits Disciplinary Teacher Student Connectedness Family Empowerment

Absent Graduated Accumulated Incidents Responsibility to Adults Opportunities
Lowly zoned —0.107*** 0.0395 2.094*** -0.00620 1.839 -0.957 -1.739
schools

(0.0203) (0.0347) (0.328) (0.0386) (1.718) (1.639) (1.279)
Highly zoned -0.0781 -0.0753** 1.472%** -0.0620 6.622%** 4.007*** 1.137
schools

(0.0617) (0.0357) (0.387) (0.0557) (2.899) (0.809) (2.446)
Unzoned schools —-0.0782*** 0.0587** 1.099*** 0.000325 -0.470 0.675 2.082

(0.0225) (0.0269) (0.302) (0.0532) (2.171) (1.104) (1.283)
P-value on test of 0.564 0.00401 0.0368 0.530 0.0874 0.00000240 0.0664
equality of above
coefficients
Base year 2010-2014 2010-2014 2010-2014 2010-2014 2015 2015 2015
Schools included High schools High schools High schools High schools High schools High schools High schools
Number of clusters 171 171 171 171 171 171 171
(i.e., schools)
Number of school- 1,492 1,464 1,511 1,353 671 667 661

year observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification. Administrative outcomes include data from the 2010 school year
to the 2018 school year; survey outcomes include data from the 2015 school year to the 2018 school year. Math and ELA test scores are measured in student standard
deviation units, and the number of disciplinary incidents is measured per student per year. Zoned schools are sorted by what fraction of their students in the 2015
school year live in the zone; those in the top half of the distribution (e.g., with more students living in the zone) are considered highly zoned schools and those in the
bottom half are considered lightly zoned schools. * p < 0.10; ** p < 0.05; *** p < 0.01.
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Table 4.10b

Effect Heterogeneity in High Schools: Differences by Principal Tenure

(1 (2 (3 4 (5) (6) (7)
Proportion Number of
Chronically Proportion Credits Disciplinary Teacher Student Connectedness  Family Empowerment

Absent Graduated Accumulated Incidents Responsibility to Adults Opportunities
Newly hired —0.0912*** 0.0632*** 1.4271%** -0.0112 0.621 1.436 1.887
principal

(0.0222) (0.0239) (0.306) (0.0564) (2.283) (1.177) (1.360)
Longer tenured -0.0278 -0.0184 0.817*** -0.0271 -2.135 0.467 0.251
principal

(0.0374) (0.0640) (0.214) (0.0514) (3.213) (1.830) (1.662)
P-value on test 0.127 0.210 0.0403 0.793 0.426 0.590 0.423
of equality
of above
coefficients
Base year 2010-2014 2010-2014 2010-2014 2010-2014 2015 2015 2015
Schools High schools High schools High schools High schools High schools High schools High schools
included
Number of 149 149 149 149 149 149 149
clusters (i.e.,
schools)
Number of 1,298 1,268 1,315 1,177 583 581 575
school-year

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification. Administrative outcomes include data from the 2010 school year
to the 2018 school year; survey outcomes include data from the 2015 school year to the 2018 school year. Math and ELA test scores are measured in student standard

deviation units, and the number of disciplinary incidents is measured per student per year. Schools are sorted by how experienced their principals are in the 2015 school
year; those with principals in the top half of the distribution are considered longer-tenured principal schools and those in the bottom half are considered recently hired
principal schools. * p < 0.10; ** p < 0.05; *** p < 0.01.
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Table 4.10c
Effect Heterogeneity in High Schools: Differences by School Size
(1 (2 (3 4 (5) (6) (7)
Proportion Number of
Chronically Proportion Credits Disciplinary Teacher Student Connectedness  Family Empowerment
Absent Graduated Accumulated Incidents Responsibility to Adults Opportunities
—0.0737*** 0.0748%** 0.983*** 0.0259 -2.618 1.242 2.553
Small schools
(0.0261) (0.0343) (0.346) (0.0625) (2.552) (1.233) (1.668)
Large schools —0.0935%** 0.0172 1.6371%** -0.0411 3.776%* -0.196 0.158
(0.0244) (0.0232) (0.316) (0.0484) (1.880) (1.204) (1.096)
P-value on test 0.558 0.120 0.116 0.311 0.0176 0.277 0.197
of equality
of above
coefficients
Base year 2010-2014 2010-2014 2010-2014 2010-2014 2015 2015 2015
Schools High schools High schools High schools High schools High schools High schools High schools
included
Number of 171 171 171 171 171 171 171
clusters (i.e.,
schools)
Number of 1,492 1,446 1,511 1,353 671 667 661
school-year

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification. Administrative outcomes include data from the 2010 school year
to the 2018 school year; survey outcomes include data from the 2015 school year to the 2018 school year. Math and ELA test scores are measured in student standard

deviation units, and the number of disciplinary incidents is measured per student per year. Schools are sorted by their number of students in the 2015 school year; those

in the top half of the distribution are considered large schools and those in the bottom half are considered small schools. * p <0.10; ** p < 0.05; *** p < 0.01.
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Table 4.10d

Effect Heterogeneity in High Schools: Differences by Renewal School Status

(1 (2 (3 4 (5) (6) (7)
Proportion Number of
Chronically Proportion Credits Disciplinary Student Connectedness  Family Empowerment

Absent Graduated Accumulated Incidents Teacher Responsibility to Adults Opportunities
Non-Renewal -0.0459 -0.0204 0.0549 0.0683 -2.869 0.495 1.269
School

(0.0279) (0.0418) (0.324) (0.0762) (3.341) (1.345) (1.783)
Renewal —0.0990%*** 0.0812%** 1.854%** -0.0377 1.715 0.652 1.542
School

(0.0224) (0.0240) (0.268) (0.0483) (1.941) (1.158) (1.302)
P-value on test 0.118 0.0231 >0.001 0.182 0.187 0.910 0.895
of equality
of above
coefficients
Base year 2010-2014 2010-2014 2010-2014 2010-2014 2015 2015 2015
Schools High schools High schools High schools High schools High schools High schools High schools
included
Number of 171 171 171 171 171 171 171
clusters (i.e.,
schools)
Number of 1,492 1,446 1,511 1,353 671 667 661
school-year

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification. Administrative outcomes include data from the 2010 school year
to the 2018 school year; survey outcomes include data from the 2015 school year to the 2018 school year. Math and ELA test scores are measured in student standard
deviation units, and the number of disciplinary incidents is measured per student per year. * p < 0.10; ** p < 0.05; *** p < 0.01.
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Table 4.11a
Effect Heterogeneity Based on Implementation Metrics: Coordination
1 (2) (3 (4) (5) (6)
Proportion Proportion Number of Student Family
Chronically On-Time Disciplinary Teacher Connectedness Empowerment

Absent Progression Incidents Responsibility to Adults Opportunities
Below median —-0.0680*** 0.0197** -0.0275 4.013** -0.510 0.406
coordination

(0.0160) (0.00868) (0.0457) (1.880) (1.005) (1.056)
Above median —0.0748*** 0.00106 —-0.0675** 3.828** 1.352 0.144
coordination

(0.0124) (0.00908) (0.0287) (1.638) (1.022) (0.695)
P-value on test 0.714 0.100 0.407 0.931 0.137 0.820
of equality
of above
coefficients
Base year 2010-2014 2010-2014 2010-2014 2015 2015 2015
Schools All schools  All schools All schools All schools All schools All schools
included
Number of 512 512 512 512 338 512
clusters (i.e.,
schools)
Number of 4,486 4,013 4,026 2,010 1,314 2,003
school-year

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification described in
this report. * p < 0.10 ** p < 0.05 *** p < 0.01

shows no indication that exposure accounts for the change in impact.2 The impact on the other
two outcomes, credit accumulation and disciplinary incidents, does not appear to change over
time.

In sum, our analyses suggest that any increases of program impact over time (as shown in
our main effects in Tables 4.3 and 4.4) appear to be due to increasing program maturity that
affects all students rather than from multiple years of exposure to the program experienced by
students in the earlier cohorts. In other words, for outcomes that get stronger from one year to
the next, the increasing impact seems to have affected all students and not just those who have
been at the school for the entire time.

2 In the grade-by-year analysis, we used on-time grade progression as an outcome for high school students rather than high

school graduation as seen elsewhere in the report. This adjustment allows us to have a consistent set of outcomes across grade
levels and also enables us to include information about all high school students rather than focusing only on those in grade 12.



Table 4.11b

Effect Heterogeneity Based on Implementation Metrics: Collaboration
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(1 () (3) (4) (5) (6)
Proportion  Proportion Number of Student Family
Chronically On-Time Disciplinary Teacher Connectedness Empowerment

Absent Progression Incidents Responsibility to Adults Opportunities
Below median -0.0641%** 0.00610 -0.0170 2.729 -1.221 -0.0101
collaboration

(0.0156) (0.00869) (0.0485) (1.962) (0.955) (0.978)
Above median  -0.0670*** 0.00567 -0.0414 4.689%** 2.199** 0.536
collaboration

(0.0139) (0.00900) (0.0289) (1.423) (0.974) (0.792)
P-value on test 0.878 0.969 0.633 0.338 0.00355 0.634
of equality
of above
coefficients
Base year 2010-2014  2010-2014 2010-2014 2015 2015 2015
Schools All schools All schools All schools All schools All schools All schools
included
Number of 512 512 512 512 338 512
clusters (i.e.
schools)
Number of 4,486 4,013 4,026 2,010 1,314 2,003
school-year

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification described in
this report. * p <0.10 ** p < 0.05 *** p < 0.01
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Table 4.11c
Effect Heterogeneity Based on Implementation Metrics: Connection
(1 () (3) (4) (5) (6)
Proportion  Proportion Number of Student Family
Chronically On-Time Disciplinary Teacher Connectedness Empowerment

Absent Progression Incidents Responsibility to Adults Opportunities
Below median —0.0512*** 0.0108 -0.0327 3.567* -0.718 0.0320
connection

(0.0143) (0.00871) (0.0405) (1.879) (0.967) (1.016)
Above median  -0.0745%** 0.0139 -0.0765** 4.787*** 1.506 0.670
connection

(0.0143) (0.00890) (0.0317) (1.576) (1.057) (0.751)
P-value on test 0.208 0.784 0.329 0.559 0.0746 0.580
of equality
of above
coefficients
Base year 2010-2014  2010-2014 2010-2014 2015 2015 2015
Schools All schools All schools All schools All schools All schools All schools
included
Number of 512 512 512 512 338 512
clusters (i.e.,
schools)
Number of 4,486 4,013 4,026 2,010 1,314 2,003
school-year

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification described in

this report. * p < 0.10 ** p < 0.05 *** p < 0.01.
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Table 4.11d
Effect Heterogeneity Based on Implementation Metrics: Continuous Improvement
(1 (2) (3) (4) (5) (6)
Proportion  Proportion Number of Student Family
Chronically On-Time Disciplinary Teacher Connectedness Empowerment
Absent Progression Incidents Responsibility to Adults Opportunities

Below median -0.0766%** 0.00438 -0.0626* 2.520 -0.0596 -0.00130
continuous
improvement (0.0163) (0.00924) (0.0326) (1.687) (0.997) (0.852)
Above median —0.0573*** 0.0173** -0.0212 5.947*** 1.207 0.506
continuous
improvement (0.0115) (0.00810) (0.0386) (1.650) (1.012) (0.873)
P-value on test 0.287 0.237 0.344 0.0816 0.302 0.645
of equality
of above
coefficients
Base year 2010-2014 2010-2014 2010-2014 2015 2015 2015
Schools All schools All schools All schools All schools All schools All schools
included
Number of 512 512 512 512 338 512
clusters (i.e.,
schools)
Number of 4,486 4,013 4,026 2,010 1,314 2,003
school-year

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification described in

this report. * p < 0.10; ** p < 0.05; *** p < 0.01.
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Table 4.11e
Effect Heterogeneity Based on Implementation Metrics: Mental Health

() () (3) (4) (5) (6)
Proportion Proportion Number of Student Family
Chronically On-Time Disciplinary Teacher Connectedness Empowerment
Absent Progression Incidents Responsibility to Adults Opportunities

High mental -0.106*** 0.0127 -0.0342 3.825%* -1.078 0.277
health
implementation (0.0162) (0.00974) (0.0311) (1.900) (1.129) (0.763)
cluster
Low mental —0.0651*** 0.0222%** -0.0391 4.877*** 0.834 0.739
implementation
cluster (0.0110) (0.00730) (0.0330) (1.513) (0.848) (0.745)
P-value on test 0.0244 0.373 0.891 0.599 0.100 0.608
of equality
of above
coefficients
Base year 2010-2014 2010-2014 2010-2014 2015 2015 2015
Schools All schools  All schools All schools All schools All schools All schools
included
Number of 512 512 512 512 338 512
clusters (i.e.,
schools)
Number of 4,486 4,013 4,026 2,010 1,314 2,003
school-year

observations

NOTES: The coefficients shown are the result of a weighted difference-in-difference specification described in
the report. * p < 0.10 ** p < 0.05 *** p < 0.01.
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Table 4.12
Maturity and Exposure for Middle School Outcomes
1 (2 (3) ) (5)
Proportion Number of
Chronically Proportion On-Time ELA Test Disciplinary
Absent Progression Math Test Score Score Incidents
Constant (Average —0.063*** 0.010*** 0.097*** 0.016 —0.087***
Effect)
(0.009) (0.004) (0.017) (0.017) (0.020)
Constant -0.027 -0.001 0.046 -0.050 -0.099*
(0.020) (0.012) (0.040) (0.040) (0.057)
Maturity —-0.019** 0.008 0.026 0.033* 0.006
(0.009) (0.008) (0.019) (0.019) (0.026)
Exposure 0.004 0.009 -0.017 -0.001 -0.034
(0.015) (0.015) (0.047) (0.046) (0.066)
Maturity —-0.020** 0.003 0.035 0.033 0.025
(0.010) (0.012) (0.030) (0.031) (0.046)

NOTES: Each column and each set of rows is a separate regression. The first regression includes only a constant.
The second regression includes only a constant and the maturity variable. The third regression presents the
maturity and exposure coefficients from a regression that also contains a constant and the grade variable.

*p <0.10; ** p < 0.05; *** p < 0.01.
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Table 4.13

Maturity and Exposure for High School Outcomes

(U] (2) (3) @
Proportion Proportion
Chronically On-Time Number of Disciplinary
Absent Progression  Credits Accumulated Incidents
Constant -0.082*** 0.039*** 1.230%** -0.008
(average effect)
(0.008) (0.007) (0.042) (0.014)
Constant -0.043** -0.001 1.176*** -0.005
(0.018) (0.015) (0.113) (0.038)
Maturity -0.021%* 0.027%** 0.028 -0.002
(0.008) (0.010) (0.054) (0.018)
Exposure 0.009 -0.009 -0.172 0.073**
(0.020) (0.022) (0.114) (0.029)
Maturity -0.026* 0.033* 0.141 -0.053**
(0.015) (0.020) (0.091) (0.025)

NOTES: Each column and each set of rows is a separate regression. The first regression includes only a constant.
The second regression includes only a constant and the maturity variable. The third regression presents the

maturity and exposure coefficients from a regression that also contains a constant and the grade variable.
*p <0.10; ** p < 0.05; *** p < 0.01.



CHAPTER FIVE
Discussion

Since the launch of the NYC-CS in 2014, New York City has been at the forefront of education
reform efforts to transform city schools into places where student success is fostered through an
integrated, holistic system of school-based supports. NYCDOE believes schools are based on
relationships and that student achievement and well-being are elevated through authentic and
empowering partnerships among school staff, families, and CBOs. The NYC-CS is designed
to implement this idea on a scale that has not been seen before in the United States.

Our evaluation of the NYC-CS is based on a quasi-experimental design to estimate the
impact of the program on various outcomes through the 2017-2018 school year. Considered
as a whole, our findings suggest promise for the community school strategy, which is currently
expanding across the country. In this chapter, we provide a discussion of our findings as they
relate to prior rigorous research on community schools more broadly, and we discuss implica-
tions for policymakers and practitioners who are interested in designing, supporting, or evalu-
ating similar programs.

Community Schools Had a Positive Impact on Most of the Examined Student
Outcomes

As we describe in Chapter Four, we found that the NYC-CS has proven to be beneficial for
students across a variety of outcome measures. Regarding student attendance, we found that
for students of all grade levels, the NYC-CS initiative has led to a statistically significant
decrease in the percentage of students who are chronically absent across the three years of the
study, with the three-year average effect for elementary and middle schools being —0.074 and
the three-year average effect for high schools being —0.083 (equivalent to a 7.4 percentage point
and 8.3 percentage point decrease, respectively). These findings provide new evidence of the
promise of the community schools strategy for improving student attendance, as prior stud-
ies into similar comprehensive programs have only found marginal improvements in student
attendance. However, there is no prior work that explicitly considers the impact on chronic
absenteeism, which has been a particular policy target for NYCDOE since the mayoral admin-
istration of Michael Bloomberg (Balfanz and Byrnes, 2013).

We also found that the NYC-CS had a positive impact on students” on-time grade pro-
gression and credit accumulation, particularly among high school students. Specifically, we
found that that NYC-CS led to a 4.7 percentage point increase in the number of students grad-
uating high school on time in 2016 and a 7.2 percentage point increase in 2018 (results were
not statistically significant in 2017). Averaging across the three years, we found an increase
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of 4.9 percentage points in the number of students graduating on time. Although there is
minimal prior evidence about the impact of the community school strategy on this outcome
domain, our results do align with Kemple et al. (2005)’s evaluation of the Talent Development
intervention for high schools, which led to a higher percentage of students in grade 9 progress-
ing to grades 10 and 11 on time, compared with students not participating in the program.
Otherwise, we believe that this is the first study to report a positive impact on educational
attainment for students, perhaps because this outcome was not considered among academic
achievement and other outcomes.

Regarding academic achievement, we found that among students in elementary and
middle schools, attending a school in the NYC-CS was associated with a difference in math
achievement of over a tenth of a standard deviation in the final year of the study period. How-
ever, we did not find significant effects on ELA test scores or on math scores in the first two
years. The positive impact on math achievement in early grades aligns with prior results from
quasi-experimental analyses of the City Connects program in Boston, which found positive
impacts for students in grades 6 and 7 (Dearing et al., 2016; Walsh et al., 2016). However,
these studies also found positive impacts on reading achievement, which we did not observe
in the NYC-CS.

Our final student-level outcome was the number of disciplinary incidents for students.
Although we found no impact for high school students, we did observe that among students
in elementary and middle schools, attending a community school was associated with a statis-
tically significant reduction of approximately 0.1 disciplinary incidents per student per year.
Prior studies of community schools that tested for differences in student behavior found no
impact (ICF International, 2010a, 2010b, 2010¢; LaFrance Associates, 2005).

Evidence of Impact for Many Student Subgroups

We found evidence that NYC-CS affected multiple subgroups of students, such as English
language learners, students in temporary housing, black students, Hispanic students, and stu-
dents in poverty. Although we did not formally test whether program impacts are different for
a particular subgroup compared with the rest of the sample, our findings that program impacts
were consistently experienced across key student subpopulations lend credence to the universal

utility of the NYC-CS, at least in the New York City context.

Limited Evidence of School-level Impact Heterogeneity

Regarding our hypothesis that program impact may be more pronounced for certain schools,
we found evidence suggesting that the NYC-CS was more effective for some outcomes in
schools with newly hired principals and in schools that were also designated as Renewal
Schools for some outcomes. Finally, although we mostly found no association between the level
of program implementation and estimated impacts, the results were as we would expect in the
handful of cases where we did see differential impacts—with schools that demonstrated higher
levels of program implementation (e.g., collaborative practices and mental health program-
ming) also having stronger impacts on certain outcome measures (e.g., students’ connectedness
to adults and classmates and chronic absenteeism, respectively). Related to the latter finding,
we should point out that while all community schools experienced a statistically significant
reduction in chronic absenteeism, schools that implemented greater amounts of mental health
programs and services saw particularly large reductions in this area.
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There Was Limited and Inconsistent Evidence of Community Schools
Supporting Improvements in Aspects of School Culture

Our evaluation found some evidence of the NYC-CS supporting improvements in school cli-
mate and culture in elementary and middle schools. We found an impact on teachers” shared
responsibility for student success among the elementary and middle schools, but only for the
final two years of the study. In addition, we found a positive effect on students’ sense of con-
nectedness to adults and peers for elementary and middle school students, but only during the
second year of the study and not the first or third. Finally, although we found positive gains in
family engagement opportunities, the differences between community schools and the com-
parison group did not reach statistical significance.

For the high schools, none of the impacts on school climate and culture measures were
statistically significant.

These findings align with prior research on the benefits of the community school strategy.
For example, LaFrance Associates (2005) found that students in community schools showed
improved relationships with adults and improved self-esteem, while Dunham and Connolly
(2016) found that parents of students in community schools were more likely to report school
staff cared about their children and were willing to work with their children to learn.

The Estimated Impact Increased over Time for Some Outcomes

We conducted various sensitivity analyses to understand whether the estimated effects were
due in part to the schools’ composition changing or nuances of our statistical specifications. In
both cases, we found no evidence suggesting that community schools were serving new types
of students because of the potential increase in desirability after being designated community
schools. In addition, we found that our estimated impacts were robust to various sensitivity
analyses, such as re-estimating the comparisons using alternative comparison groups—one
with all non-community schools in the city, and one with a very restricted comparison group
of nearly identical schools. In both cases, we found no notable differences in estimated impacts.

Finally, our analysis of program impact over time suggests that the impact of NYC-CS
has increased for some outcomes over the three-year period we examined. We do not find
evidence that the increasing impact for these outcomes is due to increased exposure to the
program among the first cohorts of students. Instead, the increased impact appears to apply
to new and old cohorts equally, which is consistent with increased impact because of program
maturity rather than to additional exposure. This finding is consistent with prior research
indicating that the community schools strategy is particularly impactful after several years of
program implementation. For example, Olson (2014) found that community schools’ impacts
were most pronounced among schools that had been operating for five or more years. In addi-
tion, Dunham and Connolly (2016) found that impacts on some student outcomes (in particu-
lar, attendance) were only present in schools that had been open longer than others. Therefore,
we encourage program developers and policymakers to think about implementation timing
when considering evaluations of their programs in the future.
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Limitations

This study has several limitations that are important to keep in mind when considering its
implications for policy and practice. First, New York City is a unique school system, with vast
resources and even bigger challenges. This evaluation examines the impact of NYC-CS on
New York City schools and students, and the intervention represents the largest program of its
kind in the history of the United States. Although it is plausible that many of the features of
the NYC-CS strategy could be implemented in other locations and many of our findings may
generalize to other urban school systems, it is beyond the scope of our study to demonstrate
that the program or our impact estimates would generalize to other settings. In particular, as
discussed in our earlier report (Johnston, et al., 2017), New York City OCS and the participat-
ing schools and CBOs devoted a remarkable amount of energy and other resources to NYC-
CS. Whether other school systems can follow this lead is an open question.

Our impact study design has some limitations because this initiative was launched at scale.
We did not have an opportunity to randomly assign schools or students to the initiative. Fur-
thermore, the administrative assignment of all schools that failed to meet specified achievement
goals for the community school program made it impossible to construct a comparison group of
schools that was equivalent to participating schools at baseline. Our quasi-experimental design
created a comparison group with similar baseline trajectories and employed a difference-in-
difference analytic approach that attempted to overcome the lack of random assignment and
matched baseline equivalence. However, our impact estimates could be biased because of
unobserved differences between the community schools and the comparison schools.

Our findings are also subject to limitations in the nature and extent of the data at our
disposal. For example, although NYCDOE has rich survey data from teachers, students, and
families via the NYCSS, these data are no substitute for surveys that are designed specifically
for the purpose at hand. It is likely that a study that had the opportunity to design surveys,
administer them at baseline and during the initiative, and administer them to subjects affili-
ated with both community schools and comparison schools would be able to learn more about
the program’s impact on social and emotional learning, specific barriers and enablers of the
initiative in its impact on child development and school engagement, and other questions that
are specific to the understanding of community schools. Access to administrative data regard-
ing student health, justice involvement and other aspects of students’ lives would also expand
our knowledge beyond the current study. In particular, given the focus on mental health in the
NYC-CS, our study could have benefited from greater access to data on student mental health
outcomes (or proxies thereof); however, because of data privacy constraints, we were unable
to extend our analysis of mental health impact beyond the core outcome measures described
thus far.

Finally, the study is limited in its duration. By current research standards, our examina-
tion of data from four school years following program initiation is rather generous (or three
years if we do not include the transition year of 2014-2015). However, it is possible that the
impact of an intervention that assists schools and students in a holistic fashion could grow over
time. Additional years of study are necessary to examine that question.
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Implications for Policy and Practice

Our findings have important implications for policymakers and practitioners interested in
developing or improving similar community school initiatives in other contexts. The most
obvious implication of our analysis is that the community school strategy appears to be having
tangible impact on a variety of student outcomes, such as attendance, grade completion, credit
accumulation, math achievement, and disciplinary incidents. These positive impacts are partic-
ularly important because the NYC-CS is such a large program compared with other instances
of the community strategy that have been rigorously evaluated thus far. Even through the
NYC-CS represents a uniquely large initiative being implemented at scale, the program’s align-
ment with prior research regarding the hallmark components of the community schools strat-
egy make the initiative a relevant template for others to follow (Oakes, Maier, and Daniel,
2017).

Although the results presented in this report are encouraging for state and local educa-
tion agencies that might consider implementing the community schools strategy in their juris-
dictions, we understand that the resource demands may represent a limiting factor in some
contexts. Therefore policymakers should consider forging strategic partnerships with service
providers and community-based organizations, while also pursuing grant funding through
programs, such as the federal Full-Service Community School Grant. This grant program has
been in place for several years and generally supports smaller instances of community school
development (e.g., five to ten schools within a district or urban community).

In addition to federal policy, state and local education agencies should consider working
with a growing field of organizations that provide critical technical support and guidance for
community school implementation, including the Coalition of Community Schools and The
National Center for Community Schools, both of which have been influential in the develop-

ment and refinement of the NYC-CS.

Directions for Future Research

As mentioned in our initial report on the implementation of the NYC-CS (Johnston et al.,
2017), there are numerous ways in which this evaluation was limited in its scope, which could
represent opportunities for further research on community school programs nationwide and
NYC-CS in particular.

First, we see the need for an explicit inquiry into the district-level strategies and processes
that shape the program as a whole and are likely to affect the implementation experiences
of schools. Although we found evidence of a positive effect of the NYC-CS as told through
the outcomes of the students and schools, we believe that an important mechanism for this
observed impact across such a large group of schools is likely due to some of the efforts of the
OCS and other such key agencies as the Office of School Health and the Division of Family
and Community Engagement, along with the Bureau of Children, Youth and Families at the
Department of Health and Mental Hygiene. Therefore, we encourage scholars of community
school program implementation to consider integrating data collection activities at the district
or city level to fully understand the work involved in large-scale community school program
implementation and scale-up.
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Second, although we see great merit in this comprehensive evaluation that considers the
cumulative impact of the various program features of the NYC-CS, we encourage scholars to
conduct focused investigations into particular community school components, such as family
engagement, extended day activities, or mental health service provision.

And finally, we encourage scholars to examine more long-term impacts of the community
school strategy, ideally extending beyond the limited time frame that we used for our study.
We found that some impacts have increased for some outcomes across the three years of the
study, and it will be helpful to examine whether and how impacts change beyond this period.



APPENDIX A
Review Memo

The following is the review memo from the New York City Mayor’s Office for Economic
Opportunity.
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Mayor Bill de Blasio has long championed the adoption of a holistic “whole child” approach to student
learning in New York City. In 2014, he pledged to create 100 community schools as an innovation that
would lift up every child through new opportunities for students and families both in and out of school.

Community schools have become a critical pillar of New York City’s educational strategy to integrate
academics, health, wellness, and family empowerment into the fabric of schools. Along with the
Mayor’s Equity and Excellence for All agenda—including Universal 3-K and Pre-K, Universal Literacy, AP
for All, and Computer Science for All—community schools demonstrate New York City's commitment to
enabling all students to thrive.

In six years, New York City has more than doubled the initial goal of 100 community schools, with 267
community schools now serving more than 135,000 students. As a result of this unprecedented
commitment and growth, NYC has become the national leader in an educational movement focused on
addressing students’ diverse needs, empowering families to be active participants in their child’s
education, and engaging entire communities in support of student success.

Now, thanks to the RAND Corporation’s evaluation, additional evidence demonstrates that community
schools are effective at increasing elementary and middle school students’ on-time grade progression
and high school students’ graduation rates, improving math achievement in elementary and middle
grades, improving attendance, and reducing disciplinary incidents in elementary and middle schools.
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In 2016, the Mayor's Office for Economic Opportunity (NYC Opportunity), in partnership with the NYC
Department of Education (NYCDOE) and the NYC Department of Health and Mental Hygiene (DOHMH]),
contracted with the RAND Corporation to deliver two evaluations of the Community School Initiative: an
implementation study and an impact study.

Published in 2017, the implementation study found that in two years, New York City launched the
largest community school initiative in the United States. It also found that virtually all NYC community
schools successfully implemented the key evidenced-based programs and structures needed to support
students and families as intended. Key programs and structures of the NYC community schools include:

e A Community School Director {CSD) responsible for coordinating services, programs, partnerships,
and support systems for students and families

e Expanded learningopportunities before and after school, on weekends, and during the summer

» Integrated health, wellness, and social services in the school and community

¢  Family and community empowerment that elevates parents and community members to leadership
roles in the school community

e Collaborative leadership and interrelationships between school leaders and community based
organizations {in contract with the NYC Department of Education)— a unique aspect of the NYC
community school strategy
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In early 2020, RAND published the impact study, which is titled “lllustrating the Promise of Community
Schools: An Assessment of the Impact of the NYC Community Schools Initiative”. The study looks at
changes in student outcomes and school culture and climate over three years (School Year 2015-16
through School Year 2017-18) and examines the impact of the community school strategy on academics,
attendance, behavior, and school culture and climate.

The impact study addresses three main questions:

1. What is the impact of community schools on attendance, educational attainment, academic
achievement, student behaviar, and school climate and culture?

2. Towhatextent are the overall impacts of community schools being observed among key subgroups
of students within schools?

3. Towhat extent are there differences in program impact related to school characteristics such as
programmatic implementation, grade configuration, principal experience, and the residential
dispersion of students?

The primary objective of the impact study is to estimate the overall impact of the community school
strategy by comparing the outcomes of students attending community schools with students attending
a carefully constructed comparison group of matched schools.

The RAND impact study found statistically significant and positive results for a broad range of outcomes
when community schools were compared to the comparison group of non-community schools. Those
outcomes include graduation rates, absenteeism, math scores, credit accumulation, on-time grade
progression, and disciplinary incidents. Specifically:

1. Graduation rates significantly increased in community schools compared to non-community
schools. Over three years, graduation rates in community schools were 4.9 percentage points
higher than comparison schoaols. This effect was particularly pronounced in the third and final year
of the study, when graduation rates in community schools were 7.2 percentage points higher than
comparison schools.

2. Chronic absenteeism declined significantly compared to non-community schools, especially for
vulnerable populations. Community schools across all grade bands and several vulnerable
populations showed significantly lower chronic absence (CA) rates than their counterparts in
comparison schools. Specifically, CA rates in community schools were lower than the control group
by 7.3 percentage points for elementary and middle school students; 8.3 percentage points for high
school students; 9.3 percentage points for high school students in temporary housing; 7.4
percentage points for Hispanic high school students; and 10.1 percentage points for black high
school students. Although all community schools experienced reductions in chronic absenteeism,
community schools with broader and more intensive implementation of mental health programs
and services saw a stronger impact on this outcome, compared with community schools with lower
levels of mental health implementation.
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3. Math scores, credit accumulation, and on-time grade progression significantly increased in

community schools compared to non-community schools.

Math scores for third through eighth grade students were significantly higher in community
schools than in comparison schools. According to the study, in 2017-18 math test scores in
community schools were 0.13 standard deviations or 4.2 percentile points higher than the
comparison group. For example, an average student at a comparison school might perform
at the 50 percentile, while a similar student at a community school would perform at the
54 percentile.

High school students in community schools accumulated an average of 1.3 more credits per
year compared to students in comparison schools. This finding was significant across all
subgroups of students, with English language learners and Hispanic students earning an
average of 1.4 more credits than their counterparts at comparison schools. Assuming on
track progress is 11 credits per year, 1.3 credits is equivalent to 12% of a regular school
year's accumulation.

Community school students matriculated to the next grade on time at higher rates than
comparison schools. Those rates were higher for community school students by 1.2
percentage points for elementary and middle school students.

Disciplinary incidents declined sharply in elementary and middle schools compared to non-
community schools. Community schools saw an average of 0.10 fewer disciplinary incidents per
student per year at the elementary and middle school level compared to the comparison schools.
For example, in a community school with 500 students, there were 50 fewer incidents every year
compared to a matched school with the same number of students.

Other results in the study were positive, but not statistically significant, including reading achievement,
disciplinary incidents in high schools, and school culture and climate measures such as student
connectedness to adults and family empowerment opportunities.

Based on the impact of the New York City Community Schools initiative since 2014, the following policy
implications can be surmised:

1.

NYC has successfully launched the largest community school initiative in the nation. As community

schools gain in momentum across the country, NYC is a model for implementation and has
demonstrated that it is feasible to successfully provide this type of innovation at a large scale.
RAND found that the impacts of the community school strategy increased over time for some
outcomes. This finding is consistent with prior research indicating that the community schools

strategy is particularly impactful after several years of program implementation and underscores the

importance of continued assessment of effects in the years to come as the program matures.

While continuing to scale the number of community schools, New York City is also using key lessons

learned from the community school strategy to guide its approach toward supporting students
living in temporary housing and decreasing chronic absenteeism across the NYC school system.
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Core Capacity Score Item Summary and Distributions

Tables B.1 through B.4 summarize the items from the RAND-developed survey that were used
to calculate each of the four core capacity measures. In Figure B.1, we display the distribution
of each of the resultant scores, with the box representing the interquartile range, the central hori-
zontal bar representing the median, the vertical whisker bars representing the range between the
5th and 95th percentiles, and the dots representing outliers that fall outside of that range. See
Johnston et al. (2017) for more information on these indexes.

Table B.1

Continuous Improvement Capacity Score

Survey Item PCA Weight
The principal and community school team both attend the weekly data meeting. 0.329
Our community school team uses the NV Data Sorter to assess progress against benchmarks and 0.506

goals for individual students.
Our community school team uses the NV Data Sorter to assess progress against benchmarks for school. 0.493

Our community school team uses data to determine whether our services and programs are meeting 0.460
the needs of the student body.

Our community school has clear, data-driven benchmarks that guide continuous improvement across 0.426
school and CBO.

NOTE: Continuous Improvement (Cronbach alpha = 0.800).

Table B.2

Coordination Capacity Score

Survey Item PCA Weight
Expanded learning time is available to meet students’ needs before and/or after school. 0.250
Community school programs are available during the summer. 0.321
Teachers successfully interact with staff from our lead CBO partner. 0.412
Teachers are aware of the services that are available to students through the lead CBO partner. 0.413
Teachers and staff in our school are aware that the Tier 1 (universal), Tier 2 (selective), and Tier 3 0.376

(targeted) mental health programs and services exist.

All community partners and CBOs (in and outside of school building) meet monthly with the CSD to 0.404
coordinate and assign services across students in building.

There is a communication and student referral system implemented among school and CBO staff. 0.369

Our community school’s expanded learning time programs use rigorous, standards-based curricula. 0.233

NOTE: Coordination (Cronbach alpha = 0.780).
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Table B.3

Connectedness Capacity Score

Survey Item PCA Weight
Our school and CBO developed a shared and strategy for addressing social, emotional, and 0.406
behavioral problems.

As a result of our community school partnerships and programs, our school has a more 0.457
positive and welcoming environment that is conducive to learning.

We have a culture of connectedness and belonging for staff, students, and families. 0.420
Students who are at risk of being chronically absent are quickly identified (i.e., within one 0.338
to two weeks of initial absence).

Students at risk of being chronically absent are quickly assigned a success mentor (i.e., 0.265
within one to two weeks of initial absence).

Students are aware of school-based mental health services provided by the partner CBO. 0.392
Families are receptive to opportunities for their children to participate in school-based 0.332
programs and services that support their social, emotional, and behavioral needs.

NOTE: Connectedness (Cronbach alpha = 0.755).

Table B.4

Collaboration Capacity Score

Survey Item PCA Weight
The principal and CSD have established a trusting relationship. 0.300
School and CBO staff attend trainings together. 0.290
The principal, members of the SLT, and CSD worked together to create the Renewal School 0.240
Comprehensive Educational Plan or Community School Work Plan (for AIDP schools).

The principal, CSD, and SLT collaborated in creating the community school budget. 0.240
The CSD and CBO staff have a visible presence throughout the school day. 0.290
CBO services align with our school’s vision, priorities, and procedures. 0.330
Universal, selective, and targeted mental health programs and services are provided 0.220
collaboratively by CBO staff, guidance counselors, social workers, teachers, and/or other

school or district staff.

Teachers view the efforts of community partners as supporting their work as educators. 0.31
Our community school has implemented systems for communication with families on a 0.24
weekly basis (or more frequently) around student attendance, achievement, and behavior.

As a result of our community school partnerships and programs, families come to the 0.22
school more frequently.

School administrators, teachers, parents, family members, CBO staff, and community 0.31
partners trust each other.

Families have input in planning for services related to child and family mental health needs. 0.250
Families have a say in decisions and plans related to school improvement. 0.290

NOTE: Collaboration (Cronbach alpha = 0.847).
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Core Capacity Score Item Summary and Distributions
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APPENDIX C

Data Sources for Mental Health Implementation Profiles

Table C.1 outlines the data points that were used to create the mental health implementation
profiles. The variables are organized into conceptual groups that are informed by implementa-

tion literature and information shared by NYC’s Office of School Health.

We considered various data on the scope of services within schools using mental health pro-
vider data, school assessments conducted by SMHMs, and data from the RAND-administered

school leader survey.

Table C.1

Domains and Data Points for Mental Health Implementation Profiles

Domain

Data Point

Implementation of the three-
tiered model

Service delivery, dosage,
and reach

Mental health provider
and service integration

Indicator of at least one Tier 1 service (PD)
Indicator of at least one Tier 2 service (PD)
Indicator of at least one Tier 3 service (PD)
Indicator of three tiers present (PD)

To what extent does the school implement universal mental health services
(3-point assessment)

To what extent does the school implement selective mental health services
(3-point assessment)

To what extent does the school implement targeted mental health services
(3-point assessment)

Number of types of services available at each tier (PD)
Number of sessions of services at each tier (PD)
Number of services targeting teachers at each tier (PD)
Number of services targeting parents at each tier (PD)
Number of services targeting students at each tier (PD)

Number of CBOs providing mental health service (PD)

Number of mental health providers (3-point assessment)
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Table C.1—Continued

Domain

Data Point

Parent engagement

Awareness and buy-in

Our community school has implemented systems for communication with
families on a weekly basis (or more frequently) around student attendance,
achievement, and behavior. (SL Survey)

As a result of our community school partnerships and programs, families come
to the school more frequently (SL Survey)

School administrators, teachers, parents, family members, CBO staff, and
community partners trust each other (SL Survey)

Families have input in planning for services related to child and family mental
health needs (SL Survey)

Families have a say in decisions and plans related to school improvement. (SL
Survey)

Tier 1 services targeting parents (e.g., campaigns, promotions, workshops) (PD)

Tier 2 services targeting parents (e.g., assessments, case management, collateral
contacts, de-escalation, workshops) (PD)

Tier 3 services targeting parents (e.g., assessments, collateral contacts, crisis de-
escalation, group counseling, individual counseling, referrals) (PD)

To what extent does the school involve parents/caregivers when providing
mental health services at the school? (3-point assessment)

To what extent do the school mental health providers involve parents/caregivers
when administering mental health services at the school? (3-point assessment)

To what extent does the school internally showcase and share knowledge
on the mental health component of the community school model? (3-point
assessment)

To what extent does the lead CBO showcase and share knowledge on the
mental health component of the community school model? (3-point assessment)

To what extent is there awareness of the crisis protocols that are in place?
(3-point assessment)

To what extent is the CSD engaged and supportive of the integration of mental
health services within the school? (3-point assessment)

To what extent is school leadership engaged and supportive of the integration
of mental health services within the school? (3-point assessment)

Were crisis protocols established as a collaborative effort between the school,
mental health providers, and the CBOs? (3-point assessment)

NOTE: PD = Mental health provider data. 3-point assessment = three-point assessment conducted by an SMHM
in spring 2017. SL Survey = RAND-administered survey in fall 2016 (93% of schools surveyed [N = 110 of 118] had at
least one school leader complete the online survey).



APPENDIX D
Mental Health Implementation Profile Estimation Results

In this appendix, we present the results of the development of the mental health implementa-
tion profiles. First, we describe the results of the creation of the implementation profiles via
cluster analysis. Second, we present the results showing the extent to which impact estimates
(as presented in Chapter Four) varied based on schools” implementation profile.

Determining the Appropriate Number of Clusters

The first step of cluster analysis is to determine the appropriate number of clusters. To do this,
we iterated over several versions of the process, each with a different number of predetermined
clusters. To assess model fit and compare cluster structures, we calculated the average “silhou-
ette width” of each cluster structure, with the goal of identifying the cluster structure with the
largest silhouette width. Silhouette values were calculated for each observation: Values near
one mean that the observation was well placed in its cluster; values near 0 mean that it was
likely that an observation might really belong in some other cluster.

As we illustrate in Figure D.1, we found that a two-cluster solution had the best fit for
our implementation profiles.

Cluster Comparison of Implementation Profile Groups

The two clusters that were estimated using the PAM strategy had many notable differences
when comparing median and mean responses with individual data points that went into the
analysis. We summarize the following overall differences, by domain.!

¢ Implementation of three-tiered approach: Both clusters had very high implementa-
tion, but cluster 1 had nearly universal implementation of all three tiers.

e Service delivery, dosage, and reach: Cluster 1 had more reported types of services
and more documented “sessions” of actual service provision.

e Mental health provider and service integration: Minimal differences were noted
between the two clusters, other than cluster 1 schools were more likely to have more
than one mental health service provider.

o DParent engagement: There were no differences in the school leader survey items, but
cluster 1 schools had more parent-oriented mental health services.

e Awareness and buy-in: Cluster 1 schools had higher average scores on all three-point
assessment items, but none of the differences were statistically significant.

I Full item-by-item comparisons are available upon request.
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Figure D.1
Cluster Analysis Structure Comparison
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Due to the general trend of cluster 1 schools experiencing higher levels of program imple-
mentation, we hereafter refer to this group as the high-implementation cluster, with cluster 2
being the low-implementation cluster.

Demographic Comparison of Implementation Profile Groups

In Table C.1, we present a comparison of the demographics of the schools in the high-
implementation cluster and the low-implementation cluster. The schools had no statistically
significant differences other than school size (cluster 1 schools were much larger than cluster 2
schools) and the percentage of students who were Asian (cluster 1 schools had slightly more
Asian students).

The size difference between schools in the high- and low-implementation clusters was
likely the main driver of differences in the various data points. To summarize, schools in clus-
ter 1 tended to have program implementation, as documented through the provider data and
three-point assessment.
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Table D.1
Implementation Profile Demographic Comparison
High Implementation Low Implementation

n= 31 77
Grade level

Elementary school 29% 16%

Kindergarten through grade 8 3% 10%

Middle school 29% 27%

High school 29% 16%

Middle school/high school 6% 5%

Transfer school? 3% 4%
Enrollment (mean) 745.7 4711
Female (mean) 47% 48%
White (mean) 2% 2%
Black (mean) 37% 42%
Hispanic (mean) 53% 53%
Asian (mean) 6% 2%
Other (mean) 1% 1%
Students with disabilities 23% 24%
English language learners 16% 18%
Percentage of free or reduced-priced lunch 91% 91%

@ Transfer school is a specialty school for older students at risk of permanently dropping out.
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